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Bioavailability and Lag

[Generated automatically as a Fitting summary]


Model Description


	Name:

	biolag_abs_base



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag; dep_one_cmp_cl



	Input Script:

	biolag_abs_base_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	1.0000

	0.5000

	1.0000



	f[CL]

	1.0000

	2.4714

	1.4714

	1.4714



	f[V]

	15.0000

	12.7971

	2.2029

	0.1469



	f[BIO]

	0.5000

	0.4497

	0.0503

	0.1007



	f[LAG]

	1.0000

	8.7958

	7.7958

	7.7958








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	5.0000

	0.8946

	4.1054

	0.8211








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

38.8670





which required 1.18 iterations and took 12.78 seconds



Fitted f[X] values (after fitting)

f[KA] = 1.0000
f[CL] = 2.4714
f[V] = 12.7971
f[ANOISE_STD] = 0.8946
f[BIO] = 0.4497
f[LAG] = 8.7958







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.5000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Generation summary]


Model Description


	Name:

	biolag_abs_base



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag; dep_one_cmp_cl



	Input Script:

	biolag_abs_base_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 1.0000
f[LAG] = 0.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	biolag_abs_base



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag; dep_one_cmp_cl



	Input Script:

	biolag_abs_base_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

44.2050







Final fitted objective value

38.8670







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	1

	0.3

	7.00e-01

	233.33%



	f[CL]

	1

	2.47

	3

	5.29e-01

	17.62%



	f[V]

	15

	12.8

	20

	7.20e+00

	36.01%



	f[BIO]

	0.5

	0.45

	1

	5.50e-01

	55.03%



	f[LAG]

	1

	8.8

	0

	8.80e+00

	inf








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE_STD]

	5

	0.895

	1

	1.05e-01

	10.54%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 1.0000
f[CL] = 2.4714
f[V] = 12.7971
f[ANOISE_STD] = 0.8946
f[BIO] = 0.4497
f[LAG] = 8.7958







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Bioavailability and Lag (gen)


	Fit: Bioavailability and Lag (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 1.0000
f[LAG] = 0.0000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.5000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Fitting summary]


Model Description


	Name:

	biolag_abs_bio



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag



	Input Script:

	biolag_abs_bio_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	1.0000

	0.5000

	1.0000



	f[CL]

	1.0000

	3.5361

	2.5361

	2.5361



	f[V]

	15.0000

	13.9552

	1.0448

	0.0697



	f[BIO]

	0.8000

	0.4024

	0.3976

	0.4970



	f[LAG]

	1.0000

	9.2035

	8.2035

	8.2035








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	5.0000

	0.8935

	4.1065

	0.8213








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

38.7412





which required 1.21 iterations and took 12.90 seconds



Fitted f[X] values (after fitting)

f[KA] = 1.0000
f[CL] = 3.5361
f[V] = 13.9552
f[ANOISE_STD] = 0.8935
f[BIO] = 0.4024
f[LAG] = 9.2035







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.8000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Generation summary]


Model Description


	Name:

	biolag_abs_bio



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag



	Input Script:

	biolag_abs_bio_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 0.5830
f[LAG] = 0.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	biolag_abs_bio



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag



	Input Script:

	biolag_abs_bio_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

44.2050







Final fitted objective value

38.7412







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	1

	0.3

	7.00e-01

	233.33%



	f[CL]

	1

	3.54

	3

	5.36e-01

	17.87%



	f[V]

	15

	14

	20

	6.04e+00

	30.22%



	f[BIO]

	0.8

	0.402

	0.583

	1.81e-01

	30.98%



	f[LAG]

	1

	9.2

	0

	9.20e+00

	inf








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE_STD]

	5

	0.894

	1

	1.06e-01

	10.65%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 1.0000
f[CL] = 3.5361
f[V] = 13.9552
f[ANOISE_STD] = 0.8935
f[BIO] = 0.4024
f[LAG] = 9.2035







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Bioavailability and Lag (gen)


	Fit: Bioavailability and Lag (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 0.5830
f[LAG] = 0.0000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.8000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Fitting summary]


Model Description


	Name:

	biolag_abs_both



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag



	Input Script:

	biolag_abs_both_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	1.0000

	0.5000

	1.0000



	f[CL]

	1.0000

	3.5664

	2.5664

	2.5664



	f[V]

	15.0000

	21.8447

	6.8447

	0.4563



	f[BIO]

	0.8000

	0.6829

	0.1171

	0.1464



	f[LAG]

	1.0000

	8.9078

	7.9078

	7.9078








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	5.0000

	0.8937

	4.1063

	0.8213








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

38.7572





which required 1.29 iterations and took 13.14 seconds



Fitted f[X] values (after fitting)

f[KA] = 1.0000
f[CL] = 3.5664
f[V] = 21.8447
f[ANOISE_STD] = 0.8937
f[BIO] = 0.6829
f[LAG] = 8.9078







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.8000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Generation summary]


Model Description


	Name:

	biolag_abs_both



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag



	Input Script:

	biolag_abs_both_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 0.5830
f[LAG] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	biolag_abs_both



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag



	Input Script:

	biolag_abs_both_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

44.2050







Final fitted objective value

38.7572







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	1

	0.3

	7.00e-01

	233.33%



	f[CL]

	1

	3.57

	3

	5.66e-01

	18.88%



	f[V]

	15

	21.8

	20

	1.84e+00

	9.22%



	f[BIO]

	0.8

	0.683

	0.583

	9.99e-02

	17.13%



	f[LAG]

	1

	8.91

	5

	3.91e+00

	78.16%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE_STD]

	5

	0.894

	1

	1.06e-01

	10.63%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 1.0000
f[CL] = 3.5664
f[V] = 21.8447
f[ANOISE_STD] = 0.8937
f[BIO] = 0.6829
f[LAG] = 8.9078







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Bioavailability and Lag (gen)


	Fit: Bioavailability and Lag (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 0.5830
f[LAG] = 5.0000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.8000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Fitting summary]


Model Description


	Name:

	biolag_abs_lag



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag; dep_one_cmp_cl



	Input Script:

	biolag_abs_lag_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	0.9839

	0.4839

	0.9677



	f[CL]

	1.0000

	0.8818

	0.1182

	0.1182



	f[V]

	15.0000

	6.2090

	8.7910

	0.5861



	f[BIO]

	0.8000

	0.2744

	0.5256

	0.6570



	f[LAG]

	1.0000

	8.6439

	7.6439

	7.6439








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	5.0000

	0.8927

	4.1073

	0.8215








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

38.5454





which required 1.30 iterations and took 11.44 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.9839
f[CL] = 0.8818
f[V] = 6.2090
f[ANOISE_STD] = 0.8927
f[BIO] = 0.2744
f[LAG] = 8.6439







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.8000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Generation summary]


Model Description


	Name:

	biolag_abs_lag



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag; dep_one_cmp_cl



	Input Script:

	biolag_abs_lag_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 1.0000
f[LAG] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Bioavailability and Lag

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	biolag_abs_lag



	Title:

	Bioavailability and Lag



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model absorption dosing with bioavailability and lag parameters.




	Keywords:

	identifiability; bioavailability; lag; dep_one_cmp_cl



	Input Script:

	biolag_abs_lag_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

44.2050







Final fitted objective value

38.5454







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	0.984

	0.3

	6.84e-01

	227.95%



	f[CL]

	1

	0.882

	3

	2.12e+00

	70.61%



	f[V]

	15

	6.21

	20

	1.38e+01

	68.96%



	f[BIO]

	0.8

	0.274

	1

	7.26e-01

	72.56%



	f[LAG]

	1

	8.64

	5

	3.64e+00

	72.88%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE_STD]

	5

	0.893

	1

	1.07e-01

	10.73%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.9839
f[CL] = 0.8818
f[V] = 6.2090
f[ANOISE_STD] = 0.8927
f[BIO] = 0.2744
f[LAG] = 8.6439







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Bioavailability and Lag (gen)


	Fit: Bioavailability and Lag (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[ANOISE_STD] = 1.0000
f[BIO] = 1.0000
f[LAG] = 5.0000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[ANOISE_STD] = 5.0000
f[BIO] = 0.8000
f[LAG] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption (Closed Form)

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_one_cmp_cl_anyl



	Title:

	One Compartment Model with Absorption (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model uses a closed form solution.




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl_anyl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption (Closed Form)

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_one_cmp_cl_anyl



	Title:

	One Compartment Model with Absorption (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model uses a closed form solution.




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption (Closed Form) (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Absorption (Closed Form)

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_three_cmp_cl_anyl



	Title:

	Three Compartment Model with Absorption (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Absorption

Central compartment with 2 peripheral compartments and a depot.

Model uses a closed form solution.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; dep_three_cmp_cl; advan12; trans4



	Input Script:

	dep_three_cmp_cl_anyl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Absorption (Closed Form)

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_three_cmp_cl_anyl



	Title:

	Three Compartment Model with Absorption (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Absorption

Central compartment with 2 peripheral compartments and a depot.

Model uses a closed form solution.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; dep_three_cmp_cl; advan12; trans4



	Input Script:

	dep_three_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Three Compartment Model with Absorption (Closed Form) (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Absorption (Closed Form)

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_two_cmp_cl_anyl



	Title:

	Two Compartment Model with Absorption (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Absorption

Central compartment with a peripheral compartment and a depot.

Model uses a closed form solution.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; dep_two_cmp_cl; advan4; trans4



	Input Script:

	dep_two_cmp_cl_anyl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Absorption (Closed Form)

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_two_cmp_cl_anyl



	Title:

	Two Compartment Model with Absorption (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Absorption

Central compartment with a peripheral compartment and a depot.

Model uses a closed form solution.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; dep_two_cmp_cl; advan4; trans4



	Input Script:

	dep_two_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Two Compartment Model with Absorption (Closed Form) (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Intravenous Dosing (Closed Form)

[Generated automatically as a Generation summary]


Model Description


	Name:

	iv_one_cmp_cl_anyl



	Title:

	One Compartment Model with Intravenous Dosing (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Intravenous Dosing

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model uses a closed form solution.




	Keywords:

	iv_one_cmp_cl; one compartment model; advan1; trans2



	Input Script:

	iv_one_cmp_cl_anyl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Intravenous Dosing (Closed Form)

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	iv_one_cmp_cl_anyl



	Title:

	One Compartment Model with Intravenous Dosing (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Intravenous Dosing

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model uses a closed form solution.




	Keywords:

	iv_one_cmp_cl; one compartment model; advan1; trans2



	Input Script:

	iv_one_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Intravenous Dosing (Closed Form) (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Intravenous Dosing (Closed Form)

[Generated automatically as a Generation summary]


Model Description


	Name:

	iv_three_cmp_cl_anyl



	Title:

	Three Compartment Model with Intravenous Dosing (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Intravenous Dosing

Central compartment with 2 peripheral compartments and a depot.

Model uses a closed form solution.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; iv_three_cmp_cl; advan11; trans4



	Input Script:

	iv_three_cmp_cl_anyl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Intravenous Dosing (Closed Form)

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	iv_three_cmp_cl_anyl



	Title:

	Three Compartment Model with Intravenous Dosing (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Intravenous Dosing

Central compartment with 2 peripheral compartments and a depot.

Model uses a closed form solution.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; iv_three_cmp_cl; advan11; trans4



	Input Script:

	iv_three_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Three Compartment Model with Intravenous Dosing (Closed Form) (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Intravenous Dosing (Closed Form)

[Generated automatically as a Generation summary]


Model Description


	Name:

	iv_two_cmp_cl_anyl



	Title:

	Two Compartment Model with Intravenous Dosing (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Intravenous Dosing

Central compartment with a peripheral compartment and a depot.

Model uses a closed form solution.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; iv_two_cmp_cl; advan3; trans4



	Input Script:

	iv_two_cmp_cl_anyl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Intravenous Dosing (Closed Form)

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	iv_two_cmp_cl_anyl



	Title:

	Two Compartment Model with Intravenous Dosing (Closed Form)



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Intravenous Dosing

Central compartment with a peripheral compartment and a depot.

Model uses a closed form solution.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; iv_two_cmp_cl; advan3; trans4



	Input Script:

	iv_two_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Two Compartment Model with Intravenous Dosing (Closed Form) (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption

[Generated automatically as a Fitting summary]


Model Description


	Name:

	dep_one_cmp_cl



	Title:

	One Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.22 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_one_cmp_cl



	Title:

	One Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_one_cmp_cl



	Title:

	One Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption (gen)


	Fit: One Compartment Model with Absorption (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_one_cmp_cl_alt



	Title:

	One Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl_alt_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_one_cmp_cl_alt



	Title:

	One Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	one compartment model; dep_one_cmp_cl; advan2; trans2



	Input Script:

	dep_one_cmp_cl_alt.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Absorption

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_three_cmp_cl



	Title:

	Three Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Absorption

Central compartment with 2 peripheral compartments. The dose is directly into the central compartment.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; dep_three_cmp_cl; advan12; trans4



	Input Script:

	dep_three_cmp_cl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Absorption

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_three_cmp_cl



	Title:

	Three Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Absorption

Central compartment with 2 peripheral compartments. The dose is directly into the central compartment.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; dep_three_cmp_cl; advan12; trans4



	Input Script:

	dep_three_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Three Compartment Model with Absorption (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Absorption

[Generated automatically as a Generation summary]


Model Description


	Name:

	dep_two_cmp_cl



	Title:

	Two Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Absorption

Central compartment with a peripheral compartment.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; dep_two_cmp_cl; advan4; trans4



	Input Script:

	dep_two_cmp_cl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Absorption

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	dep_two_cmp_cl



	Title:

	Two Compartment Model with Absorption



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Absorption

Central compartment with a peripheral compartment.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; dep_two_cmp_cl; advan4; trans4



	Input Script:

	dep_two_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Two Compartment Model with Absorption (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Intravenous Dosing

[Generated automatically as a Generation summary]


Model Description


	Name:

	iv_one_cmp_cl



	Title:

	One Compartment Model with Intravenous Dosing



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Intravenous Dosing

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).




	Keywords:

	one compartment model; iv_one_cmp_cl; advan1; trans2



	Input Script:

	iv_one_cmp_cl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Intravenous Dosing

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	iv_one_cmp_cl



	Title:

	One Compartment Model with Intravenous Dosing



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Intravenous Dosing

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).




	Keywords:

	one compartment model; iv_one_cmp_cl; advan1; trans2



	Input Script:

	iv_one_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Intravenous Dosing (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Intravenous Dosing

[Generated automatically as a Generation summary]


Model Description


	Name:

	iv_three_cmp_cl



	Title:

	Three Compartment Model with Intravenous Dosing



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Intravenous Dosing

Central compartment with 2 peripheral compartments. The dose is directly into the central compartment.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; iv_three_cmp_cl; advan11; trans4



	Input Script:

	iv_three_cmp_cl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Three Compartment Model with Intravenous Dosing

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	iv_three_cmp_cl



	Title:

	Three Compartment Model with Intravenous Dosing



	Author:

	PoPy for PK/PD



	Abstract:

	





Three Compartment Model with Intravenous Dosing

Central compartment with 2 peripheral compartments. The dose is directly into the central compartment.

Parameters are:-

* CL = elimination clearance from central compartment

* V1 = Volume of central compartment

* Q2 = Inter-compartmental clearance between central and first peripheral

* V2 = Volume of first peripheral compartment

* Q3 = Inter-compartmental clearance between central and second peripheral

* V3 = Volume of second peripheral compartment




	Keywords:

	three compartment model; iv_three_cmp_cl; advan11; trans4



	Input Script:

	iv_three_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Three Compartment Model with Intravenous Dosing (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Intravenous Dosing

[Generated automatically as a Generation summary]


Model Description


	Name:

	iv_two_cmp_cl



	Title:

	Two Compartment Model with Intravenous Dosing



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Intravenous Dosing

Central compartment with a peripheral compartment.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; iv_two_cmp_cl; advan3; trans4



	Input Script:

	iv_two_cmp_cl_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Two Compartment Model with Intravenous Dosing

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	iv_two_cmp_cl



	Title:

	Two Compartment Model with Intravenous Dosing



	Author:

	PoPy for PK/PD



	Abstract:

	





Two Compartment Model with Intravenous Dosing

Central compartment with a peripheral compartment.

Parameters are as follows:-

* CL Clearance from central compartment

* V1 Volume of central compartment

* Q Clearance between central and peripheral compartment

* V2 Volume of peripheral compartment




	Keywords:

	two compartment model; iv_two_cmp_cl; advan3; trans4



	Input Script:

	iv_two_cmp_cl.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Two Compartment Model with Intravenous Dosing (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Bolus Dose with first order elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	bolus_dosing_repeated



	Title:

	Repeated Bolus Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated bolus dose into single compartment with first order elimination.




	Keywords:

	bolus; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	bolus_dosing_repeated_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.11 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Bolus Dose with first order elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	bolus_dosing_repeated



	Title:

	Repeated Bolus Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated bolus dose into single compartment with first order elimination.




	Keywords:

	bolus; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	bolus_dosing_repeated_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Bolus Dose with first order elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	bolus_dosing_repeated



	Title:

	Repeated Bolus Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated bolus dose into single compartment with first order elimination.




	Keywords:

	bolus; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	bolus_repeated.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Repeated Bolus Dose with first order elimination. (gen)


	Fit: Repeated Bolus Dose with first order elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Bolus Dose with no elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	bolus_dosing



	Title:

	Bolus Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Bolus into single compartment. No elimination.




	Keywords:

	bolus; one compartment model



	Input Script:

	bolus_dosing_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 9.78 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Bolus Dose with no elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	bolus_dosing



	Title:

	Bolus Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Bolus into single compartment. No elimination.




	Keywords:

	bolus; one compartment model



	Input Script:

	bolus_dosing_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Bolus Dose with no elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	bolus_dosing



	Title:

	Bolus Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Bolus into single compartment. No elimination.




	Keywords:

	bolus; one compartment model



	Input Script:

	bolus.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Bolus Dose with no elimination. (gen)


	Fit: Bolus Dose with no elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Gamma Dose with first order elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gamma_dosing_repeated



	Title:

	Repeated Gamma Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated gamma dose into single compartment with first order elimination.




	Keywords:

	gamma; repeated; one compartment model



	Input Script:

	gamma_dosing_repeated_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.24 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Gamma Dose with first order elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	gamma_dosing_repeated



	Title:

	Repeated Gamma Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated gamma dose into single compartment with first order elimination.




	Keywords:

	gamma; repeated; one compartment model



	Input Script:

	gamma_dosing_repeated_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Gamma Dose with first order elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gamma_dosing_repeated



	Title:

	Repeated Gamma Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated gamma dose into single compartment with first order elimination.




	Keywords:

	gamma; repeated; one compartment model



	Input Script:

	gamma_repeated.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Repeated Gamma Dose with first order elimination. (gen)


	Fit: Repeated Gamma Dose with first order elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Gamma Dose with no elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gamma_dosing



	Title:

	Gamma Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Gamma into single compartment. No elimination.




	Keywords:

	gamma; one compartment model



	Input Script:

	gamma_dosing_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 9.94 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Gamma Dose with no elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	gamma_dosing



	Title:

	Gamma Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Gamma into single compartment. No elimination.




	Keywords:

	gamma; one compartment model



	Input Script:

	gamma_dosing_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Gamma Dose with no elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gamma_dosing



	Title:

	Gamma Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Gamma into single compartment. No elimination.




	Keywords:

	gamma; one compartment model



	Input Script:

	gamma.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Gamma Dose with no elimination. (gen)


	Fit: Gamma Dose with no elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Infusion Duration Dose with first order elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	inf_dur_dosing_repeated



	Title:

	Repeated Infusion Duration Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated infusion duration dose into single compartment with first order elimination.




	Keywords:

	inf_dur; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	inf_dur_dosing_repeated_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.18 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Infusion Duration Dose with first order elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	inf_dur_dosing_repeated



	Title:

	Repeated Infusion Duration Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated infusion duration dose into single compartment with first order elimination.




	Keywords:

	inf_dur; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	inf_dur_dosing_repeated_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Infusion Duration Dose with first order elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	inf_dur_dosing_repeated



	Title:

	Repeated Infusion Duration Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated infusion duration dose into single compartment with first order elimination.




	Keywords:

	inf_dur; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	inf_dur_repeated.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Repeated Infusion Duration Dose with first order elimination. (gen)


	Fit: Repeated Infusion Duration Dose with first order elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Infusion Duration Dose with no elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	inf_dur_dosing



	Title:

	Infusion Duration Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Infusion into single compartment, parametrised by duration. No elimination.




	Keywords:

	inf_dur; one compartment model



	Input Script:

	inf_dur_dosing_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.04 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Infusion Duration Dose with no elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	inf_dur_dosing



	Title:

	Infusion Duration Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Infusion into single compartment, parametrised by duration. No elimination.




	Keywords:

	inf_dur; one compartment model



	Input Script:

	inf_dur_dosing_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Infusion Duration Dose with no elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	inf_dur_dosing



	Title:

	Infusion Duration Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Infusion into single compartment, parametrised by duration. No elimination.




	Keywords:

	inf_dur; one compartment model



	Input Script:

	inf_dur.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Infusion Duration Dose with no elimination. (gen)


	Fit: Infusion Duration Dose with no elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Infusion Rate Dose with first order elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	inf_rate_dosing_repeated



	Title:

	Repeated Infusion Rate Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated infusion rate dose into single compartment with first order elimination.




	Keywords:

	inf_rate; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	inf_rate_dosing_repeated_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.27 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Infusion Rate Dose with first order elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	inf_rate_dosing_repeated



	Title:

	Repeated Infusion Rate Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated infusion rate dose into single compartment with first order elimination.




	Keywords:

	inf_rate; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	inf_rate_dosing_repeated_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Infusion Rate Dose with first order elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	inf_rate_dosing_repeated



	Title:

	Repeated Infusion Rate Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated infusion rate dose into single compartment with first order elimination.




	Keywords:

	inf_rate; repeated; advan1; iv_one_cmp_cl; one compartment model



	Input Script:

	inf_rate_repeated.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Repeated Infusion Rate Dose with first order elimination. (gen)


	Fit: Repeated Infusion Rate Dose with first order elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Infusion Rate Dose with no elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	inf_rate_dosing



	Title:

	Infusion Rate Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Infusion into single compartment, parametrised by rate. No elimination.




	Keywords:

	inf_rate; one compartment model



	Input Script:

	inf_rate_dosing_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.02 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Infusion Rate Dose with no elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	inf_rate_dosing



	Title:

	Infusion Rate Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Infusion into single compartment, parametrised by rate. No elimination.




	Keywords:

	inf_rate; one compartment model



	Input Script:

	inf_rate_dosing_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Infusion Rate Dose with no elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	inf_rate_dosing



	Title:

	Infusion Rate Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Infusion into single compartment, parametrised by rate. No elimination.




	Keywords:

	inf_rate; one compartment model



	Input Script:

	inf_rate.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Infusion Rate Dose with no elimination. (gen)


	Fit: Infusion Rate Dose with no elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Weibull Dose with first order elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	weibull_dosing_repeated



	Title:

	Repeated Weibull Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated weibull dose into single compartment with first order elimination.




	Keywords:

	weibull; repeated; one compartment model



	Input Script:

	weibull_dosing_repeated_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 10.26 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Weibull Dose with first order elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	weibull_dosing_repeated



	Title:

	Repeated Weibull Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated weibull dose into single compartment with first order elimination.




	Keywords:

	weibull; repeated; one compartment model



	Input Script:

	weibull_dosing_repeated_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Repeated Weibull Dose with first order elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	weibull_dosing_repeated



	Title:

	Repeated Weibull Dose with first order elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Repeated weibull dose into single compartment with first order elimination.




	Keywords:

	weibull; repeated; one compartment model



	Input Script:

	weibull_repeated.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Repeated Weibull Dose with first order elimination. (gen)


	Fit: Repeated Weibull Dose with first order elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Weibull Dose with no elimination.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	weibull_dosing



	Title:

	Weibull Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Weibull into single compartment. No elimination.




	Keywords:

	weibull; one compartment model



	Input Script:

	weibull_dosing_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 9.85 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Weibull Dose with no elimination.

[Generated automatically as a Generation summary]


Model Description


	Name:

	weibull_dosing



	Title:

	Weibull Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Weibull into single compartment. No elimination.




	Keywords:

	weibull; one compartment model



	Input Script:

	weibull_dosing_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Weibull Dose with no elimination.

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	weibull_dosing



	Title:

	Weibull Dose with no elimination.



	Author:

	PoPy for PK/PD



	Abstract:

	





Weibull into single compartment. No elimination.




	Keywords:

	weibull; one compartment model



	Input Script:

	weibull.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Weibull Dose with no elimination. (gen)


	Fit: Weibull Dose with no elimination. (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with Clearance

[Generated automatically as a Fitting summary]


Model Description


	Name:

	elim_cl_example



	Title:

	Elimination Example with Clearance



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; clearance; one compartment model; advan1



	Input Script:

	elim_cl_example_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 7.80 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with Clearance

[Generated automatically as a Generation summary]


Model Description


	Name:

	elim_cl_example



	Title:

	Elimination Example with Clearance



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; clearance; one compartment model; advan1



	Input Script:

	elim_cl_example_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with Clearance

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	elim_cl_example



	Title:

	Elimination Example with Clearance



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; clearance; one compartment model; advan1



	Input Script:

	elim_cl_example.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Elimination Example with Clearance (gen)


	Fit: Elimination Example with Clearance (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with KE parameter

[Generated automatically as a Fitting summary]


Model Description


	Name:

	elim_ke_example



	Title:

	Elimination Example with KE parameter



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; one compartment model; advan1



	Input Script:

	elim_ke_example_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 7.78 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with KE parameter

[Generated automatically as a Generation summary]


Model Description


	Name:

	elim_ke_example



	Title:

	Elimination Example with KE parameter



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; one compartment model; advan1



	Input Script:

	elim_ke_example_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with KE parameter

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	elim_ke_example



	Title:

	Elimination Example with KE parameter



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; one compartment model; advan1



	Input Script:

	elim_ke_example.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Elimination Example with KE parameter (gen)


	Fit: Elimination Example with KE parameter (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with Volume of Distribution

[Generated automatically as a Fitting summary]


Model Description


	Name:

	elim_v_example



	Title:

	Elimination Example with Volume of Distribution



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; one compartment model; advan1



	Input Script:

	elim_v_example_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

0.0000





which required 1. iterations and took 7.96 seconds



Fitted f[X] values (after fitting)

(Model has no fixed effects)



Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with Volume of Distribution

[Generated automatically as a Generation summary]


Model Description


	Name:

	elim_v_example



	Title:

	Elimination Example with Volume of Distribution



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; one compartment model; advan1



	Input Script:

	elim_v_example_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Elimination Example with Volume of Distribution

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	elim_v_example



	Title:

	Elimination Example with Volume of Distribution



	Author:

	PoPy for PK/PD



	Abstract:

	





Closed form solution for a one compartment model with IV dosing.




	Keywords:

	closed form solution; one compartment model; advan1



	Input Script:

	elim_v_example.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

0.0000







Final fitted objective value

0.0000







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

(Model has no fixed effects)



Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Elimination Example with Volume of Distribution (gen)


	Fit: Elimination Example with Volume of Distribution (fit)







Inputs


True f[X] values (for simulation)

(Model has no fixed effects)



Starting f[X] values (before fitting)

(Model has no fixed effects)






            

          

      

      

    

  

    
      
          
            
  
Proportional and Additive error model fitted to additive noise only synthetic data.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	ao_gen_pa_fit



	Title:

	Proportional and Additive error model fitted to additive noise only synthetic data.



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains both proportional and additive error. The synthetic input data contains only additive noise and no proportional error.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional and additive error



	Input Script:

	ao_gen_pa_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.0010

	0.4990

	0.9980



	f[ANOISE_STD]

	0.2500

	0.0464

	0.2036

	0.8145








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-514.1872





which required 1.19 iterations and took 11.15 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0010
f[ANOISE_STD] = 0.0464







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000
f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Proportional only error model fitted to additive noise only synthetic data.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	ao_gen_po_fit



	Title:

	Proportional only error model fitted to additive noise only synthetic data.



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains proportional error and no additive error. The synthetic input data file contains additive noise but no proportional noise.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional error



	Input Script:

	ao_gen_po_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.5140

	0.0140

	0.0280








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-231.2927





which required 1.3 iterations and took 10.33 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.5140







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Model containing additive error only and additive error only input data

[Generated automatically as a Fitting summary]


Model Description


	Name:

	ao_gen_ao_fit



	Title:

	Model containing additive error only and additive error only input data



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains additive error only and the synthetic input data contains additive error only.




	Keywords:

	one compartment model; dep_one_cmp_cl; additive error



	Input Script:

	ao_gen_ao_fit_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	0.2500

	0.0464

	0.2036

	0.8145








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	indOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	WRES(DV_CENTRAL)_wrt_PPRED(DV_CENTRAL)









Outputs


Final objective value

-514.1953





which required 1.7 iterations and took 9.03 seconds



Fitted f[X] values (after fitting)

f[ANOISE_STD] = 0.0464







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Model containing additive error only and additive error only input data

[Generated automatically as a Generation summary]


Model Description


	Name:

	ao_gen_ao_fit



	Title:

	Model containing additive error only and additive error only input data



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains additive error only and the synthetic input data contains additive error only.




	Keywords:

	one compartment model; dep_one_cmp_cl; additive error



	Input Script:

	ao_gen_ao_fit_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	indOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[ANOISE_STD] = 0.0500










            

          

      

      

    

  

    
      
          
            
  
Model containing additive error only and additive error only input data

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	ao_gen_ao_fit



	Title:

	Model containing additive error only and additive error only input data



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains additive error only and the synthetic input data contains additive error only.




	Keywords:

	one compartment model; dep_one_cmp_cl; additive error



	Input Script:

	ao_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-513.1177







Final fitted objective value

-514.1953







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE_STD]

	0.25

	0.0464

	0.05

	3.62e-03

	7.25%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[ANOISE_STD] = 0.0464







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Model containing additive error only and additive error only input data (gen)


	Fit: Model containing additive error only and additive error only input data (fit)







Inputs


True f[X] values (for simulation)

f[ANOISE_STD] = 0.0500







Starting f[X] values (before fitting)

f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Additive error model fitted to proportional + additive noise synthetic data.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	pa_gen_ao_fit



	Title:

	Additive error model fitted to proportional + additive noise synthetic data.



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains both additive error only. Synthetic input data contain proportional and additive noise.




	Keywords:

	one compartment model; dep_one_cmp_cl; additive error



	Input Script:

	pa_gen_ao_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	0.2500

	0.1178

	0.1322

	0.5287








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-327.7085





which required 1.6 iterations and took 10.28 seconds



Fitted f[X] values (after fitting)

f[ANOISE_STD] = 0.1178







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Mixed error model fitted to mixed error data, but with incorrect variance definition

[Generated automatically as a Fitting summary]


Model Description


	Name:

	pa_gen_pa_fit_badvar



	Title:

	Mixed error model fitted to mixed error data, but with incorrect variance definition



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment

This model contains both proportional and additive error, but erroneously sums the standard deviations.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional and additive error



	Input Script:

	pa_gen_pa_fit_badvar.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.0699

	0.4301

	0.8603



	f[ANOISE_STD]

	0.2500

	0.0400

	0.2100

	0.8399








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-396.7510





which required 1.9 iterations and took 10.58 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0699
f[ANOISE_STD] = 0.0400







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000
f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Proportional error model fitted to proportional + additive noise synthetic data.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	pa_gen_po_fit



	Title:

	Proportional error model fitted to proportional + additive noise synthetic data.



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment

This model contains both proportional error only. Input data contains proportional and additive noise.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional error



	Input Script:

	pa_gen_po_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.5223

	0.0223

	0.0446








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-228.0882





which required 1.4 iterations and took 10.42 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.5223







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Model containing both proportional and additive error

[Generated automatically as a Fitting summary]


Model Description


	Name:

	pa_gen_pa_fit



	Title:

	Model containing both proportional and additive error



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains both proportional and additive error.




	Keywords:

	one compartment model; one_two_cmp_cl; proportional and additive error



	Input Script:

	pa_gen_pa_fit_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.0951

	0.4049

	0.8098



	f[ANOISE_STD]

	0.2500

	0.0453

	0.2047

	0.8187








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	indOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	WRES(DV_CENTRAL)_wrt_PPRED(DV_CENTRAL)









Outputs


Final objective value

-396.6598





which required 1.6 iterations and took 9.36 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0951
f[ANOISE_STD] = 0.0453







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000
f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Model containing both proportional and additive error

[Generated automatically as a Generation summary]


Model Description


	Name:

	pa_gen_pa_fit



	Title:

	Model containing both proportional and additive error



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains both proportional and additive error.




	Keywords:

	one compartment model; one_two_cmp_cl; proportional and additive error



	Input Script:

	pa_gen_pa_fit_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	indOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500










            

          

      

      

    

  

    
      
          
            
  
Model containing both proportional and additive error

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	pa_gen_pa_fit



	Title:

	Model containing both proportional and additive error



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains both proportional and additive error.




	Keywords:

	one compartment model; one_two_cmp_cl; proportional and additive error



	Input Script:

	pa_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-395.5169







Final fitted objective value

-396.6598







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.5

	0.0951

	0.1

	4.91e-03

	4.91%



	f[ANOISE_STD]

	0.25

	0.0453

	0.05

	4.68e-03

	9.36%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0951
f[ANOISE_STD] = 0.0453







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Model containing both proportional and additive error (gen)


	Fit: Model containing both proportional and additive error (fit)







Inputs


True f[X] values (for simulation)

f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500







Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000
f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Additive noise model fitted to proportional noise only synthetic data.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	po_gen_ao_fit



	Title:

	Additive noise model fitted to proportional noise only synthetic data.



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains additive error only. The synthetic input data only contains additive noise too.




	Keywords:

	one compartment model; dep_one_cmp_cl; additive error



	Input Script:

	po_gen_ao_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE_STD]

	0.2500

	0.1099

	0.1401

	0.5606








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-341.7118





which required 1.6 iterations and took 10.34 seconds



Fitted f[X] values (after fitting)

f[ANOISE_STD] = 0.1099







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Proportional and Additive error model fitted to proportional noise only synthetic data.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	po_gen_pa_fit



	Title:

	Proportional and Additive error model fitted to proportional noise only synthetic data.



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains both proportional and additive error. The synthetic input data contains only proportional error, no additive error.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional and additive error



	Input Script:

	po_gen_pa_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.0925

	0.4075

	0.8150



	f[ANOISE_STD]

	0.2500

	0.0010

	0.2490

	0.9960








Compare Variance f[X]



Population observed (fit) plots



	[image: ]
	indOBS_vs_TIME








Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-572.8039





which required 1.21 iterations and took 11.22 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0925
f[ANOISE_STD] = 0.0010







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000
f[ANOISE_STD] = 0.2500










            

          

      

      

    

  

    
      
          
            
  
Model containing proportional error only, with proportional only data

[Generated automatically as a Fitting summary]


Model Description


	Name:

	po_gen_po_fit



	Title:

	Model containing proportional error only, with proportional only data



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains proportional error and no additive error. The synthetic input data contains only proportional error too.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional error



	Input Script:

	po_gen_po_fit_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.5000

	0.0932

	0.4068

	0.8136








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	indOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	WRES(DV_CENTRAL)_wrt_PPRED(DV_CENTRAL)









Outputs


Final objective value

-572.8210





which required 1.7 iterations and took 9.06 seconds



Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0932







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Model containing proportional error only, with proportional only data

[Generated automatically as a Generation summary]


Model Description


	Name:

	po_gen_po_fit



	Title:

	Model containing proportional error only, with proportional only data



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains proportional error and no additive error. The synthetic input data contains only proportional error too.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional error



	Input Script:

	po_gen_po_fit_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)



	[image: ]
	indOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(DV_CENTRAL)








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[PNOISE_STD] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
Model containing proportional error only, with proportional only data

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	po_gen_po_fit



	Title:

	Model containing proportional error only, with proportional only data



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with a depot leading to a central compartment.

This model contains proportional error and no additive error. The synthetic input data contains only proportional error too.




	Keywords:

	one compartment model; dep_one_cmp_cl; proportional error



	Input Script:

	po_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-571.8694







Final fitted objective value

-572.8210







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.5

	0.0932

	0.1

	6.82e-03

	6.82%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[PNOISE_STD] = 0.0932







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Model containing proportional error only, with proportional only data (gen)


	Fit: Model containing proportional error only, with proportional only data (fit)







Inputs


True f[X] values (for simulation)

f[PNOISE_STD] = 0.1000







Starting f[X] values (before fitting)

f[PNOISE_STD] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Sine circadian model

[Generated automatically as a Fitting summary]


Model Description


	Name:

	circ_sin



	Title:

	Sine circadian model



	Author:

	PoPy for PK/PD



	Abstract:

	





A PD Model based on the amount of drug in the body.

The PD model uses a sine function which simulates a circadian rhythm for the generation of a biomarker.

The amount in the central compartment is determined by CL and V, PK patameters , which have been previosly estimated for each individual.

The amount in the central compartment influences the rate of production of a biomarker.




	Keywords:

	PD; Pharmacodynamics; sine function; Circadian rhythm



	Input Script:

	circ_sin_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[AMP]

	3.0000

	2.0018

	0.9982

	0.3327



	f[INT]

	16.0000

	7.8714

	8.1286

	0.5080



	f[KOUT]

	0.1000

	0.0500

	0.0500

	0.4998








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE]

	5.0000

	3.0759

	1.9241

	0.3848








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

811.9569





which required 1.26 iterations and took 12.17 seconds



Fitted f[X] values (after fitting)

f[AMP] = 2.0018
f[INT] = 7.8714
f[KOUT] = 0.0500
f[ANOISE] = 3.0759







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[AMP] = 3.0000
f[INT] = 16.0000
f[KOUT] = 0.1000
f[ANOISE] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Sine circadian model

[Generated automatically as a Generation summary]


Model Description


	Name:

	circ_sin



	Title:

	Sine circadian model



	Author:

	PoPy for PK/PD



	Abstract:

	





A PD Model based on the amount of drug in the body.

The PD model uses a sine function which simulates a circadian rhythm for the generation of a biomarker.

The amount in the central compartment is determined by CL and V, PK patameters , which have been previosly estimated for each individual.

The amount in the central compartment influences the rate of production of a biomarker.




	Keywords:

	PD; Pharmacodynamics; sine function; Circadian rhythm



	Input Script:

	circ_sin_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[AMP] = 2.0000
f[INT] = 8.0000
f[KOUT] = 0.0500
f[ANOISE] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
Sine circadian model

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	circ_sin



	Title:

	Sine circadian model



	Author:

	PoPy for PK/PD



	Abstract:

	





A PD Model based on the amount of drug in the body.

The PD model uses a sine function which simulates a circadian rhythm for the generation of a biomarker.

The amount in the central compartment is determined by CL and V, PK patameters , which have been previosly estimated for each individual.

The amount in the central compartment influences the rate of production of a biomarker.




	Keywords:

	PD; Pharmacodynamics; sine function; Circadian rhythm



	Input Script:

	circ_sin_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

815.0562







Final fitted objective value

811.9569







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[AMP]

	3

	2…

	2

	1.79e-03

	0.09%



	f[INT]

	16

	7.87

	8

	1.29e-01

	1.61%



	f[KOUT]

	0.1

	0.05…

	0.05

	1.56e-05

	0.03%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE]

	5

	3.08

	3

	7.59e-02

	2.53%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[AMP] = 2.0018
f[INT] = 7.8714
f[KOUT] = 0.0500
f[ANOISE] = 3.0759







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Sine circadian model (gen)


	Fit: Sine circadian model (fit)







Inputs


True f[X] values (for simulation)

f[AMP] = 2.0000
f[INT] = 8.0000
f[KOUT] = 0.0500
f[ANOISE] = 3.0000







Starting f[X] values (before fitting)

f[AMP] = 3.0000
f[INT] = 16.0000
f[KOUT] = 0.1000
f[ANOISE] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Direct PD Model

[Generated automatically as a Fitting summary]


Model Description


	Name:

	direct_pd



	Title:

	Direct PD Model



	Author:

	PoPy for PK/PD



	Abstract:

	





A simple direct PD Model, based on the amount of drug in the body.

The amount in the central compartment is determined by K, which has been previously estimated for each individual.

The amount in the central compartment influences the rate of removal of a biomarker (KOUT).




	Keywords:

	pd; one compartment model; direct



	Input Script:

	direct_pd_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[BASE]

	500.0000

	800.0499

	300.0499

	0.6001



	f[KOUT]

	0.1000

	0.0300

	0.0700

	0.6999








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[ANOISE]

	5.0000

	9.9922

	4.9922

	0.9984








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

460.5766





which required 1.30 iterations and took 11.67 seconds



Fitted f[X] values (after fitting)

f[BASE] = 800.0499
f[KOUT] = 0.0300
f[ANOISE] = 9.9922







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[BASE] = 500.0000
f[KOUT] = 0.1000
f[ANOISE] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Direct PD Model

[Generated automatically as a Generation summary]


Model Description


	Name:

	direct_pd



	Title:

	Direct PD Model



	Author:

	PoPy for PK/PD



	Abstract:

	





A simple direct PD Model, based on the amount of drug in the body.

The amount in the central compartment is determined by K, which has been previously estimated for each individual.

The amount in the central compartment influences the rate of removal of a biomarker (KOUT).




	Keywords:

	pd; one compartment model; direct



	Input Script:

	direct_pd_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[BASE] = 800.0000
f[KOUT] = 0.0300
f[ANOISE] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Direct PD Model

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	direct_pd



	Title:

	Direct PD Model



	Author:

	PoPy for PK/PD



	Abstract:

	





A simple direct PD Model, based on the amount of drug in the body.

The amount in the central compartment is determined by K, which has been previously estimated for each individual.

The amount in the central compartment influences the rate of removal of a biomarker (KOUT).




	Keywords:

	pd; one compartment model; direct



	Input Script:

	direct_pd_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-52.6006







Final fitted objective value

460.5766







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[BASE]

	500

	800…

	800

	4.99e-02

	0.01%



	f[KOUT]

	0.1

	0.03…

	0.03

	5.52e-06

	0.02%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[ANOISE]

	5

	9.99

	0.5

	9.49e+00

	1898.45%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[BASE] = 800.0499
f[KOUT] = 0.0300
f[ANOISE] = 9.9922







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Direct PD Model (gen)


	Fit: Direct PD Model (fit)







Inputs


True f[X] values (for simulation)

f[BASE] = 800.0000
f[KOUT] = 0.0300
f[ANOISE] = 0.5000







Starting f[X] values (before fitting)

f[BASE] = 500.0000
f[KOUT] = 0.1000
f[ANOISE] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Direct PD Model Simultaneous PK/PD Parameter fit

[Generated automatically as a Fitting summary]


Model Description


	Name:

	direct_pd_simul



	Title:

	Direct PD Model Simultaneous PK/PD Parameter fit



	Author:

	PoPy for PK/PD



	Abstract:

	





A simple direct PD Model, based on the amount of drug in the body. That simultaneously fits PK and PD parameters.

The amount in the central compartment is determined by K, which has been previously estimated for each individual.

The amount in the central compartment influences the rate of removal of a biomarker (KOUT).




	Keywords:

	pd; one compartment model; direct



	Input Script:

	direct_pd_simul_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL]

	5.0000

	2.0038

	2.9962

	0.5992



	f[V]

	15.0000

	48.1868

	33.1868

	2.2125



	f[BASE]

	500.0000

	799.1967

	299.1967

	0.5984



	f[KOUT]

	0.1000

	0.0288

	0.0712

	0.7116








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PK_ANOISE]

	5.0000

	0.5088

	4.4912

	0.8982



	f[PD_ANOISE]

	5.0000

	8.2246

	3.2246

	0.6449








Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

386.5798





which required 1.30 iterations and took 11.40 seconds



Fitted f[X] values (after fitting)

f[CL] = 2.0038
f[V] = 48.1868
f[BASE] = 799.1967
f[KOUT] = 0.0288
f[PK_ANOISE] = 0.5088
f[PD_ANOISE] = 8.2246







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[CL] = 5.0000
f[V] = 15.0000
f[BASE] = 500.0000
f[KOUT] = 0.1000
f[PK_ANOISE] = 5.0000
f[PD_ANOISE] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
Direct PD Model Simultaneous PK/PD Parameter fit

[Generated automatically as a Generation summary]


Model Description


	Name:

	direct_pd_simul



	Title:

	Direct PD Model Simultaneous PK/PD Parameter fit



	Author:

	PoPy for PK/PD



	Abstract:

	





A simple direct PD Model, based on the amount of drug in the body. That simultaneously fits PK and PD parameters.

The amount in the central compartment is determined by K, which has been previously estimated for each individual.

The amount in the central compartment influences the rate of removal of a biomarker (KOUT).




	Keywords:

	pd; one compartment model; direct



	Input Script:

	direct_pd_simul_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[CL] = 2.0000
f[V] = 50.0000
f[BASE] = 800.0000
f[KOUT] = 0.0300
f[PK_ANOISE] = 0.5000
f[PD_ANOISE] = 0.3000










            

          

      

      

    

  

    
      
          
            
  
Direct PD Model Simultaneous PK/PD Parameter fit

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	direct_pd_simul



	Title:

	Direct PD Model Simultaneous PK/PD Parameter fit



	Author:

	PoPy for PK/PD



	Abstract:

	





A simple direct PD Model, based on the amount of drug in the body. That simultaneously fits PK and PD parameters.

The amount in the central compartment is determined by K, which has been previously estimated for each individual.

The amount in the central compartment influences the rate of removal of a biomarker (KOUT).




	Keywords:

	pd; one compartment model; direct



	Input Script:

	direct_pd_simul_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-203.7595







Final fitted objective value

386.5798







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL]

	5

	2…

	2

	3.76e-03

	0.19%



	f[V]

	15

	48.2

	50

	1.81e+00

	3.63%



	f[BASE]

	500

	799

	800

	8.03e-01

	0.10%



	f[KOUT]

	0.1

	0.0288

	0.03

	1.16e-03

	3.87%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PK_ANOISE]

	5

	0.509

	0.5

	8.81e-03

	1.76%



	f[PD_ANOISE]

	5

	8.22

	0.3

	7.92e+00

	2641.53%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[CL] = 2.0038
f[V] = 48.1868
f[BASE] = 799.1967
f[KOUT] = 0.0288
f[PK_ANOISE] = 0.5088
f[PD_ANOISE] = 8.2246







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Direct PD Model Simultaneous PK/PD Parameter fit (gen)


	Fit: Direct PD Model Simultaneous PK/PD Parameter fit (fit)







Inputs


True f[X] values (for simulation)

f[CL] = 2.0000
f[V] = 50.0000
f[BASE] = 800.0000
f[KOUT] = 0.0300
f[PK_ANOISE] = 0.5000
f[PD_ANOISE] = 0.3000







Starting f[X] values (before fitting)

f[CL] = 5.0000
f[V] = 15.0000
f[BASE] = 500.0000
f[KOUT] = 0.1000
f[PK_ANOISE] = 5.0000
f[PD_ANOISE] = 5.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA and CL

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_ka_cl_stderr



	Title:

	One Compartment Model with Absorption estimating KA and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_cl_stderr_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.3000

	0.2739

	0.0261

	0.0869



	f[CL]

	3.0000

	3.2389

	0.2389

	0.0796








Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-44.7678





which required 1.5 iterations and took 10.29 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2739
f[V] = 18.0030
f[CL] = 3.2389







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 18.0030
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA and CL

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_ka_cl_stderr



	Title:

	One Compartment Model with Absorption estimating KA and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_cl_stderr_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA and CL

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_ka_cl_stderr



	Title:

	One Compartment Model with Absorption estimating KA and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_cl_stderr.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-42.0984







Final fitted objective value

-44.7678







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.3

	0.274

	0.3

	2.61e-02

	8.69%



	f[CL]

	3

	3.24

	3

	2.39e-01

	7.96%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2739
f[V] = 18.0030
f[CL] = 3.2389







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption estimating KA and CL (gen)


	Fit: One Compartment Model with Absorption estimating KA and CL (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 18.0030
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_ka_stderr



	Title:

	One Compartment Model with Absorption estimating KA



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_stderr_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.3000

	0.2739

	0.0261

	0.0869








Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-44.7678





which required 1.4 iterations and took 10.41 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2739
f[V] = 18.0030
f[CL] = 3.2389







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 18.0030
f[CL] = 3.2389










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_ka_stderr



	Title:

	One Compartment Model with Absorption estimating KA



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_stderr_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_ka_stderr



	Title:

	One Compartment Model with Absorption estimating KA



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_stderr.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-43.9510







Final fitted objective value

-44.7678







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.3

	0.274

	0.3

	2.61e-02

	8.69%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2739
f[V] = 18.0030
f[CL] = 3.2389







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption estimating KA (gen)


	Fit: One Compartment Model with Absorption estimating KA (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 18.0030
f[CL] = 3.2389










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA, V and CL

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_ka_v_cl_stderr



	Title:

	One Compartment Model with Absorption estimating KA, V and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_v_cl_stderr_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.3000

	0.2738

	0.0262

	0.0872



	f[V]

	20.0000

	17.9983

	2.0017

	0.1001



	f[CL]

	3.0000

	3.2389

	0.2389

	0.0796








Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-44.7678





which required 1.7 iterations and took 10.72 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2738
f[V] = 17.9983
f[CL] = 3.2389







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA, V and CL

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_ka_v_cl_stderr



	Title:

	One Compartment Model with Absorption estimating KA, V and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_v_cl_stderr_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA, V and CL

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_ka_v_cl_stderr



	Title:

	One Compartment Model with Absorption estimating KA, V and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_v_cl_stderr.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-42.7757







Final fitted objective value

-44.7678







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.3

	0.274

	0.3

	2.62e-02

	8.72%



	f[V]

	20

	18

	20

	2.00e+00

	10.01%



	f[CL]

	3

	3.24

	3

	2.39e-01

	7.96%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2738
f[V] = 17.9983
f[CL] = 3.2389







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption estimating KA, V and CL (gen)


	Fit: One Compartment Model with Absorption estimating KA, V and CL (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA and V

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_ka_v_stderr



	Title:

	One Compartment Model with Absorption estimating KA and V



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_v_stderr_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.3000

	0.2738

	0.0262

	0.0873



	f[V]

	20.0000

	17.9968

	2.0032

	0.1002








Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-44.7678





which required 1.7 iterations and took 10.59 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2738
f[V] = 17.9968
f[CL] = 3.2389







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.2389










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA and V

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_ka_v_stderr



	Title:

	One Compartment Model with Absorption estimating KA and V



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_v_stderr_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating KA and V

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_ka_v_stderr



	Title:

	One Compartment Model with Absorption estimating KA and V



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_ka_v_stderr.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-44.5041







Final fitted objective value

-44.7678







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.3

	0.274

	0.3

	2.62e-02

	8.73%



	f[V]

	20

	18

	20

	2.00e+00

	10.02%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2738
f[V] = 17.9968
f[CL] = 3.2389







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption estimating KA and V (gen)


	Fit: One Compartment Model with Absorption estimating KA and V (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.2389










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating V and CL

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_v_cl_stderr



	Title:

	One Compartment Model with Absorption estimating V and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_v_cl_stderr_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[V]

	20.0000

	18.0037

	1.9963

	0.0998



	f[CL]

	3.0000

	3.2389

	0.2389

	0.0796








Compare Noise f[X]



Compare Variance f[X]



Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME









Outputs


Final objective value

-44.7678





which required 1.5 iterations and took 10.44 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2739
f[V] = 18.0037
f[CL] = 3.2389







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.2739
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating V and CL

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_v_cl_stderr



	Title:

	One Compartment Model with Absorption estimating V and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_v_cl_stderr_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population simulated (sim) plots



	[image: ]
	indOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption estimating V and CL

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_v_cl_stderr



	Title:

	One Compartment Model with Absorption estimating V and CL



	Author:

	PoPy for PK/PD



	Abstract:

	





One Compartment Model with Absorption compartment with rate (KA).

Elimination rate parametrised by clearance (CL)

and volume of distribution (V).

Model specification uses incremental flows




	Keywords:

	dep_one_cmp_cl; one compartment model



	Input Script:

	d1cmp_v_cl_stderr.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-41.0152







Final fitted objective value

-44.7678







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[V]

	20

	18

	20

	2.00e+00

	9.98%



	f[CL]

	3

	3.24

	3

	2.39e-01

	7.96%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2739
f[V] = 18.0037
f[CL] = 3.2389







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption estimating V and CL (gen)


	Fit: One Compartment Model with Absorption estimating V and CL (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[V] = 20.0000
f[CL] = 3.0000







Starting f[X] values (before fitting)

f[KA] = 0.2739
f[V] = 20.0000
f[CL] = 3.0000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Depot One Comp PK with BLQ observations set to LLQ

[Generated automatically as a Fitting summary]


Model Description


	Name:

	blq_pk_norm_fit



	Title:

	Depot One Comp PK with BLQ observations set to LLQ



	Author:

	PoPy for PK/PD



	Abstract:

	





Depot One Comp PK model, with BLQ (below level of quantification)

observations set to LLQ (lower limit of quantification).




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; blq



	Input Script:

	blq_pk_norm_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	1.0000

	5.8108

	4.8108

	4.8108



	f[CL]

	1.0000

	0.9490

	0.0510

	0.0510



	f[V1]

	20.0000

	88.6022

	68.6022

	3.4301








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.2207

	0.1207

	1.2071








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA_isv]

	0.0500

	1.3304

	1.2804

	25.6080



	f[KA_isv;CL_isv]

	0.0100

	-0.0176

	0.0276

	2.7570



	f[KA_isv;V1_isv]

	0.0100

	0.2359

	0.2259

	22.5922



	f[CL_isv;KA_isv]

	0.0100

	-0.0176

	0.0276

	2.7570



	f[CL_isv]

	0.0500

	0.0002

	0.0498

	0.9953



	f[CL_isv;V1_isv]

	0.0100

	-0.0031

	0.0131

	1.3114



	f[V1_isv;KA_isv]

	0.0100

	0.2359

	0.2259

	22.5922



	f[V1_isv;CL_isv]

	0.0100

	-0.0031

	0.0131

	1.3114



	f[V1_isv]

	0.0500

	0.0444

	0.0056

	0.1124








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)




Outputs


Final objective value

121897.7219





which required 1.30 iterations and took 74.11 seconds



Fitted f[X] values (after fitting)

f[KA] = 5.8108
f[CL] = 0.9490
f[V1] = 88.6022
f[KA_isv,CL_isv,V1_isv] = [
    [ 1.3304, -0.0176, 0.2359 ],
    [ -0.0176, 0.0002, -0.0031 ],
    [ 0.2359, -0.0031, 0.0444 ],
]
f[PNOISE] = 0.2207
f[ANOISE] = 0.0100







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000
f[ANOISE] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Depot One Comp PK with BLQ observations set to 0.5*LLQ

[Generated automatically as a Fitting summary]


Model Description


	Name:

	blq_pk_norm_fit_half



	Title:

	Depot One Comp PK with BLQ observations set to 0.5*LLQ



	Author:

	PoPy for PK/PD



	Abstract:

	





Depot One Comp PK model, with BLQ (below level of quantification)

observations set to 0.5*LLQ (lower limit of quantification).




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; blq



	Input Script:

	blq_pk_norm_fit_half.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	1.0000

	1.0467

	0.0467

	0.0467



	f[CL]

	1.0000

	1.6694

	0.6694

	0.6694



	f[V1]

	20.0000

	81.9258

	61.9258

	3.0963








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.3225

	0.2225

	2.2247








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA_isv]

	0.0500

	0.2479

	0.1979

	3.9573



	f[KA_isv;CL_isv]

	0.0100

	0.0438

	0.0338

	3.3760



	f[KA_isv;V1_isv]

	0.0100

	0.1067

	0.0967

	9.6689



	f[CL_isv;KA_isv]

	0.0100

	0.0438

	0.0338

	3.3760



	f[CL_isv]

	0.0500

	0.0077

	0.0423

	0.8452



	f[CL_isv;V1_isv]

	0.0100

	0.0188

	0.0088

	0.8834



	f[V1_isv;KA_isv]

	0.0100

	0.1067

	0.0967

	9.6689



	f[V1_isv;CL_isv]

	0.0100

	0.0188

	0.0088

	0.8834



	f[V1_isv]

	0.0500

	0.0459

	0.0041

	0.0814








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)




Outputs


Final objective value

28107.5222





which required 1.30 iterations and took 78.22 seconds



Fitted f[X] values (after fitting)

f[KA] = 1.0467
f[CL] = 1.6694
f[V1] = 81.9258
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.2479, 0.0438, 0.1067 ],
    [ 0.0438, 0.0077, 0.0188 ],
    [ 0.1067, 0.0188, 0.0459 ],
]
f[PNOISE] = 0.3225
f[ANOISE] = 0.0100







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000
f[ANOISE] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Depot One Comp PK ignoring BLQ observations.

[Generated automatically as a Fitting summary]


Model Description


	Name:

	blq_pk_norm_fit_ignore



	Title:

	Depot One Comp PK ignoring BLQ observations.



	Author:

	PoPy for PK/PD



	Abstract:

	





Depot One Comp PK model, with BLQ (below level of quantification)

observations removed from data set.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; blq



	Input Script:

	blq_pk_norm_fit_ignore.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	1.0000

	0.2348

	0.7652

	0.7652



	f[CL]

	1.0000

	1.8185

	0.8185

	0.8185



	f[V1]

	20.0000

	54.7515

	34.7515

	1.7376








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.1422

	0.0422

	0.4223








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA_isv]

	0.0500

	0.0000

	0.0500

	0.9997



	f[KA_isv;CL_isv]

	0.0100

	-0.0003

	0.0103

	1.0329



	f[KA_isv;V1_isv]

	0.0100

	-0.0001

	0.0101

	1.0083



	f[CL_isv;KA_isv]

	0.0100

	-0.0003

	0.0103

	1.0329



	f[CL_isv]

	0.0500

	0.0317

	0.0183

	0.3658



	f[CL_isv;V1_isv]

	0.0100

	-0.0061

	0.0161

	1.6135



	f[V1_isv;KA_isv]

	0.0100

	-0.0001

	0.0101

	1.0083



	f[V1_isv;CL_isv]

	0.0100

	-0.0061

	0.0161

	1.6135



	f[V1_isv]

	0.0500

	0.1028

	0.0528

	1.0553








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)




Outputs


Final objective value

-889.8945





which required 1.30 iterations and took 52.27 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2348
f[CL] = 1.8185
f[V1] = 54.7515
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0000, -0.0003, -0.0001 ],
    [ -0.0003, 0.0317, -0.0061 ],
    [ -0.0001, -0.0061, 0.1028 ],
]
f[PNOISE] = 0.1422
f[ANOISE] = 0.0100







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	synthetic_data.csv






Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000
f[ANOISE] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Depot + One compartment PK with BLQ

[Generated automatically as a Fitting summary]


Model Description


	Name:

	blq_pk



	Title:

	Depot + One compartment PK with BLQ



	Author:

	PoPy for PK/PD



	Abstract:

	





Depot One Comp PK model, with BLQ (below level of quantification) observations.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; blq



	Input Script:

	blq_pk_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	1.0000

	0.2060

	0.7940

	0.7940



	f[CL]

	1.0000

	1.9987

	0.9987

	0.9987



	f[V1]

	20.0000

	50.9527

	30.9527

	1.5476








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.1469

	0.0469

	0.4694








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA_isv]

	0.0500

	0.0532

	0.0032

	0.0632



	f[KA_isv;CL_isv]

	0.0100

	0.0111

	0.0011

	0.1131



	f[KA_isv;V1_isv]

	0.0100

	-0.0286

	0.0386

	3.8623



	f[CL_isv;KA_isv]

	0.0100

	0.0111

	0.0011

	0.1131



	f[CL_isv]

	0.0500

	0.0289

	0.0211

	0.4222



	f[CL_isv;V1_isv]

	0.0100

	0.0239

	0.0139

	1.3938



	f[V1_isv;KA_isv]

	0.0100

	-0.0286

	0.0386

	3.8623



	f[V1_isv;CL_isv]

	0.0100

	0.0239

	0.0139

	1.3938



	f[V1_isv]

	0.0500

	0.0642

	0.0142

	0.2830








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)




Outputs


Final objective value

-786.5417





which required 1.14 iterations and took 166.96 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2060
f[CL] = 1.9987
f[V1] = 50.9527
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0532, 0.0111, -0.0286 ],
    [ 0.0111, 0.0289, 0.0239 ],
    [ -0.0286, 0.0239, 0.0642 ],
]
f[PNOISE] = 0.1469
f[ANOISE] = 0.0100







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000
f[ANOISE] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
Depot + One compartment PK with BLQ

[Generated automatically as a Generation summary]


Model Description


	Name:

	blq_pk



	Title:

	Depot + One compartment PK with BLQ



	Author:

	PoPy for PK/PD



	Abstract:

	





Depot One Comp PK model, with BLQ (below level of quantification) observations.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; blq



	Input Script:

	blq_pk_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)



Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.2000
f[CL] = 2.0000
f[V1] = 50.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.1000, 0.0200, 0.0100 ],
    [ 0.0200, 0.0300, 0.0200 ],
    [ 0.0100, 0.0200, 0.0900 ],
]
f[PNOISE] = 0.1500
f[ANOISE] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
Depot + One compartment PK with BLQ

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	blq_pk



	Title:

	Depot + One compartment PK with BLQ



	Author:

	PoPy for PK/PD



	Abstract:

	





Depot One Comp PK model, with BLQ (below level of quantification) observations.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; blq



	Input Script:

	blq_pk_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-781.3723







Final fitted objective value

-786.5417







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	1

	0.206

	0.2

	6.03e-03

	3.02%



	f[CL]

	1

	2…

	2

	1.29e-03

	0.06%



	f[V1]

	20

	51

	50

	9.53e-01

	1.91%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE]

	0.1

	0.147

	0.15

	3.06e-03

	2.04%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA_isv]

	0.05

	0.0532

	0.1

	4.68e-02

	46.84%



	f[KA_isv;CL_isv]

	0.01

	0.0111

	0.02

	8.87e-03

	44.34%



	f[KA_isv;V1_isv]

	0.01

	-0.0286

	0.01

	3.86e-02

	386.23%



	f[CL_isv;KA_isv]

	0.01

	0.0111

	0.02

	8.87e-03

	44.34%



	f[CL_isv]

	0.05

	0.0289

	0.03

	1.11e-03

	3.70%



	f[CL_isv;V1_isv]

	0.01

	0.0239

	0.02

	3.94e-03

	19.69%



	f[V1_isv;KA_isv]

	0.01

	-0.0286

	0.01

	3.86e-02

	386.23%



	f[V1_isv;CL_isv]

	0.01

	0.0239

	0.02

	3.94e-03

	19.69%



	f[V1_isv]

	0.05

	0.0642

	0.09

	2.58e-02

	28.72%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2060
f[CL] = 1.9987
f[V1] = 50.9527
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0532, 0.0111, -0.0286 ],
    [ 0.0111, 0.0289, 0.0239 ],
    [ -0.0286, 0.0239, 0.0642 ],
]
f[PNOISE] = 0.1469
f[ANOISE] = 0.0100







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Depot + One compartment PK with BLQ (gen)


	Fit: Depot + One compartment PK with BLQ (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.2000
f[CL] = 2.0000
f[V1] = 50.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.1000, 0.0200, 0.0100 ],
    [ 0.0200, 0.0300, 0.0200 ],
    [ 0.0100, 0.0200, 0.0900 ],
]
f[PNOISE] = 0.1500
f[ANOISE] = 0.0100







Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[KA_isv,CL_isv,V1_isv] = [
    [ 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000
f[ANOISE] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_cl_iov



	Title:

	One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	0.2711

	0.2289

	0.4577



	f[CL]

	1.0000

	2.4007

	1.4007

	1.4007



	f[V]

	15.0000

	18.3926

	3.3926

	0.2262








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.2000

	0.0935

	0.1065

	0.5325



	f[ANOISE_STD]

	0.2000

	0.0487

	0.1513

	0.7566








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.0829

	0.0729

	7.2875



	f[CL_iov]

	0.0100

	0.1073

	0.0973

	9.7323








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-353.3355





which required 1.26 iterations and took 80.08 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2711
f[CL] = 2.4007
f[V] = 18.3926
f[PNOISE_STD] = 0.0935
f[ANOISE_STD] = 0.0487
f[CL_isv] = 0.0829
f[CL_iov] = 0.1073







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100
f[CL_iov] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_iov



	Title:

	One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000
f[CL_iov] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_iov



	Title:

	One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-344.3936







Final fitted objective value

-353.3355







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	0.271

	0.3

	2.89e-02

	9.62%



	f[CL]

	1

	2.4

	3

	5.99e-01

	19.98%



	f[V]

	15

	18.4

	20

	1.61e+00

	8.04%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.2

	0.0935

	0.1

	6.51e-03

	6.51%



	f[ANOISE_STD]

	0.2

	0.0487

	0.05

	1.32e-03

	2.64%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.0829

	0.2

	1.17e-01

	58.56%



	f[CL_iov]

	0.01

	0.107

	0.1

	7.32e-03

	7.32%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2711
f[CL] = 2.4007
f[V] = 18.3926
f[PNOISE_STD] = 0.0935
f[ANOISE_STD] = 0.0487
f[CL_isv] = 0.0829
f[CL_iov] = 0.1073







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2 (gen)


	Fit: One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.2 (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000
f[CL_iov] = 0.1000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100
f[CL_iov] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_cl_iov_05



	Title:

	One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance

Here f[CL_isv] true value is 0.5




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_05_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	0.2686

	0.2314

	0.4628



	f[CL]

	1.0000

	2.0943

	1.0943

	1.0943



	f[V]

	15.0000

	18.1651

	3.1651

	0.2110








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.2000

	0.0889

	0.1111

	0.5553



	f[ANOISE_STD]

	0.2000

	0.0486

	0.1514

	0.7570








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.2835

	0.2735

	27.3455



	f[CL_iov]

	0.0100

	0.0105

	0.0005

	0.0518








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-365.3290





which required 1.22 iterations and took 83.60 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2686
f[CL] = 2.0943
f[V] = 18.1651
f[PNOISE_STD] = 0.0889
f[ANOISE_STD] = 0.0486
f[CL_isv] = 0.2835
f[CL_iov] = 0.0105







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100
f[CL_iov] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_iov_05



	Title:

	One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance

Here f[CL_isv] true value is 0.5




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_05_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.5000
f[CL_iov] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_iov_05



	Title:

	One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance

Here f[CL_isv] true value is 0.5




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_05.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-352.8548







Final fitted objective value

-365.3290







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	0.269

	0.3

	3.14e-02

	10.46%



	f[CL]

	1

	2.09

	3

	9.06e-01

	30.19%



	f[V]

	15

	18.2

	20

	1.83e+00

	9.17%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.2

	0.0889

	0.1

	1.11e-02

	11.06%



	f[ANOISE_STD]

	0.2

	0.0486

	0.05

	1.40e-03

	2.79%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.283

	0.5

	2.17e-01

	43.31%



	f[CL_iov]

	0.01

	0.0105

	0.01

	5.18e-04

	5.18%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2686
f[CL] = 2.0943
f[V] = 18.1651
f[PNOISE_STD] = 0.0889
f[ANOISE_STD] = 0.0486
f[CL_isv] = 0.2835
f[CL_iov] = 0.0105







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5 (gen)


	Fit: One Compartment Model with Absorption and Inter-occasion Variance f[CL_isv]=0.5 (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.5000
f[CL_iov] = 0.0100







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100
f[CL_iov] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_cl_iov_naive



	Title:

	One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance

Here f[CL_iov] is not estimated it is set to zero.




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_naive_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	0.2913

	0.2087

	0.4174



	f[CL]

	1.0000

	2.4780

	1.4780

	1.4780



	f[V]

	15.0000

	22.5113

	7.5113

	0.5008








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.2000

	0.4125

	0.2125

	1.0625



	f[ANOISE_STD]

	0.2000

	0.0709

	0.1291

	0.6456








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1414

	0.1314

	13.1363








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-203.5525





which required 1.19 iterations and took 49.52 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2913
f[CL] = 2.4780
f[V] = 22.5113
f[PNOISE_STD] = 0.4125
f[ANOISE_STD] = 0.0709
f[CL_isv] = 0.1414
f[CL_iov] = 0.0000







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100
f[CL_iov] = 0.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_iov_naive



	Title:

	One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance

Here f[CL_iov] is not estimated it is set to zero.




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_naive_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000
f[CL_iov] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_iov_naive



	Title:

	One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-occasion Variance

Here f[CL_iov] is not estimated it is set to zero.




	Keywords:

	one compartment model; dep_one_cmp_cl; iov



	Input Script:

	d1cmp_cl_iov_naive.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

242.7372







Final fitted objective value

-203.5525







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	0.291

	0.3

	8.69e-03

	2.90%



	f[CL]

	1

	2.48

	3

	5.22e-01

	17.40%



	f[V]

	15

	22.5

	20

	2.51e+00

	12.56%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.2

	0.413

	0.1

	3.13e-01

	312.50%



	f[ANOISE_STD]

	0.2

	0.0709

	0.05

	2.09e-02

	41.76%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.141

	0.2

	5.86e-02

	29.32%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2913
f[CL] = 2.4780
f[V] = 22.5113
f[PNOISE_STD] = 0.4125
f[ANOISE_STD] = 0.0709
f[CL_isv] = 0.1414
f[CL_iov] = 0.0000







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0 (gen)


	Fit: One Compartment Model with Absorption and no inter-occasion Variance f[CL_iov]=0 (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000
f[CL_iov] = 0.1000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100
f[CL_iov] = 0.0000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_cl_isv



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	0.2642

	0.2358

	0.4715



	f[CL]

	1.0000

	2.7416

	1.7416

	1.7416



	f[V]

	15.0000

	19.1975

	4.1975

	0.2798








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.2000

	0.1131

	0.0869

	0.4345



	f[ANOISE_STD]

	0.2000

	0.0417

	0.1583

	0.7916








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1647

	0.1547

	15.4697








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-371.3278





which required 1.20 iterations and took 83.63 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.2642
f[CL] = 2.7416
f[V] = 19.1975
f[PNOISE_STD] = 0.1131
f[ANOISE_STD] = 0.0417
f[CL_isv] = 0.1647







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_isv



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_isv



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-362.6880







Final fitted objective value

-371.3278







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	0.264

	0.3

	3.58e-02

	11.92%



	f[CL]

	1

	2.74

	3

	2.58e-01

	8.61%



	f[V]

	15

	19.2

	20

	8.02e-01

	4.01%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.2

	0.113

	0.1

	1.31e-02

	13.10%



	f[ANOISE_STD]

	0.2

	0.0417

	0.05

	8.32e-03

	16.64%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.165

	0.2

	3.53e-02

	17.65%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.2642
f[CL] = 2.7416
f[V] = 19.1975
f[PNOISE_STD] = 0.1131
f[ANOISE_STD] = 0.0417
f[CL_isv] = 0.1647







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2 (gen)


	Fit: One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.2 (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.01

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_isv_01



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.01



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here true f[CL_isv] value is set to 0.01




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_01_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.01

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_isv_01



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.01



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here true f[CL_isv] value is set to 0.01




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_01.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.01 (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.5

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_isv_05



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.5



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here true f[CL_isv] value is set to 0.5




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_05_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.5

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_isv_05



	Title:

	One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.5



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here true f[CL_isv] value is set to 0.5




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_05.pyml



	Diagram:

	




[image: ]

Outputs


Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and Inter-subject Variance f[CL_isv]=0.5 (gen)


	Fit: no fitsum output







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0

[Generated automatically as a Fitting summary]


Model Description


	Name:

	d1cmp_cl_isv_naive



	Title:

	One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here f[CL_isv] is not estimated it is set to zero.




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_naive_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	0.5000

	0.1818

	0.3182

	0.6363



	f[CL]

	1.0000

	2.5519

	1.5519

	1.5519



	f[V]

	15.0000

	20.1441

	5.1441

	0.3429








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE_STD]

	0.2000

	0.4965

	0.2965

	1.4826



	f[ANOISE_STD]

	0.2000

	0.1279

	0.0721

	0.3605








Compare Variance f[X]



Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-163.1359





which required 1.17 iterations and took 16.60 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.1818
f[CL] = 2.5519
f[V] = 20.1441
f[PNOISE_STD] = 0.4965
f[ANOISE_STD] = 0.1279
f[CL_isv] = 0.0000







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0

[Generated automatically as a Generation summary]


Model Description


	Name:

	d1cmp_cl_isv_naive



	Title:

	One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here f[CL_isv] is not estimated it is set to zero.




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_naive_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000










            

          

      

      

    

  

    
      
          
            
  
One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	d1cmp_cl_isv_naive



	Title:

	One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0



	Author:

	PoPy for PK/PD



	Abstract:

	





Population one Compartment Model with Absorption and Inter-subject Variance

Here f[CL_isv] is not estimated it is set to zero.




	Keywords:

	one compartment model; dep_one_cmp_cl



	Input Script:

	d1cmp_cl_isv_naive.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

2777.3504







Final fitted objective value

-163.1359







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	0.5

	0.182

	0.3

	1.18e-01

	39.38%



	f[CL]

	1

	2.55

	3

	4.48e-01

	14.94%



	f[V]

	15

	20.1

	20

	1.44e-01

	0.72%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE_STD]

	0.2

	0.497

	0.1

	3.97e-01

	396.53%



	f[ANOISE_STD]

	0.2

	0.128

	0.05

	7.79e-02

	155.81%








Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.1818
f[CL] = 2.5519
f[V] = 20.1441
f[PNOISE_STD] = 0.4965
f[ANOISE_STD] = 0.1279
f[CL_isv] = 0.0000







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0 (gen)


	Fit: One Compartment Model with Absorption and no inter-subject Variance f[CL_isv]=0 (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000







Starting f[X] values (before fitting)

f[KA] = 0.5000
f[CL] = 1.0000
f[V] = 15.0000
f[PNOISE_STD] = 0.2000
f[ANOISE_STD] = 0.2000
f[CL_isv] = 0.0000










            

          

      

      

    

  

    
      
          
            
  
Body Weight Covariate

[Generated automatically as a Fitting summary]


Model Description


	Name:

	weight_covariate



	Title:

	Body Weight Covariate



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

There are no random effects here. Each individual just has a different weight.

The weight is a covariate for the m[CL] clearance parameter for each individual.

Only the f[WT_EFFECT] and f[V] fixed effect parameters are estimated, other f[X] are fixed.




	Keywords:

	one compartment model; dep_one_cmp_cl; weight; covariate effect



	Input Script:

	weight_covariate_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[V]

	15.0000

	20.2610

	5.2610

	0.3507



	f[WT_EFFECT]

	1.0000

	0.6657

	0.3343

	0.3343








Compare Noise f[X]



Compare Variance f[X]



Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-486.0798





which required 1.6 iterations and took 11.74 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.2610
f[PNOISE] = 0.1000
f[ANOISE] = 0.0500
f[WT_EFFECT] = 0.6657







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 15.0000
f[PNOISE] = 0.1000
f[ANOISE] = 0.0500
f[WT_EFFECT] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
Body Weight Covariate

[Generated automatically as a Generation summary]


Model Description


	Name:

	weight_covariate



	Title:

	Body Weight Covariate



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

There are no random effects here. Each individual just has a different weight.

The weight is a covariate for the m[CL] clearance parameter for each individual.

Only the f[WT_EFFECT] and f[V] fixed effect parameters are estimated, other f[X] are fixed.




	Keywords:

	one compartment model; dep_one_cmp_cl; weight; covariate effect



	Input Script:

	weight_covariate_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE] = 0.1000
f[ANOISE] = 0.0500
f[WT_EFFECT] = 0.7500










            

          

      

      

    

  

    
      
          
            
  
Body Weight Covariate

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	weight_covariate



	Title:

	Body Weight Covariate



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

There are no random effects here. Each individual just has a different weight.

The weight is a covariate for the m[CL] clearance parameter for each individual.

Only the f[WT_EFFECT] and f[V] fixed effect parameters are estimated, other f[X] are fixed.




	Keywords:

	one compartment model; dep_one_cmp_cl; weight; covariate effect



	Input Script:

	weight_covariate.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-483.3718







Final fitted objective value

-486.0798







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[V]

	15

	20.3

	20

	2.61e-01

	1.31%



	f[WT_EFFECT]

	1

	0.666

	0.75

	8.43e-02

	11.25%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]

No Variance f[X] values to compare.




Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.2610
f[PNOISE] = 0.1000
f[ANOISE] = 0.0500
f[WT_EFFECT] = 0.6657







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Body Weight Covariate (gen)


	Fit: Body Weight Covariate (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE] = 0.1000
f[ANOISE] = 0.0500
f[WT_EFFECT] = 0.7500







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 15.0000
f[PNOISE] = 0.1000
f[ANOISE] = 0.0500
f[WT_EFFECT] = 1.0000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Demonstration of CWRES diagnostic

[Generated automatically as a Fitting summary]


Model Description


	Name:

	cwres_emax_correct_model



	Title:

	Demonstration of CWRES diagnostic



	Author:

	PoPy for PK/PD



	Abstract:

	





Demonstration of CWRES diagnostic on Hooker’s Emax model with

correct population parameters




	Keywords:

	cwres; emax



	Input Script:

	cwres_emax_correct_model_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[EMAX]

	100.0000

	100.0000

	0.0000

	0.0000



	f[C50]

	20.0000

	20.0000

	0.0000

	0.0000








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[Hill]

	4.5000

	4.5000

	0.0000

	0.0000








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[EMAX_isv]

	0.5000

	0.5000

	0.0000

	0.0000



	f[C50_isv]

	0.5000

	0.5000

	0.0000

	0.0000








Population observed (fit) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(Effect)_wrt_IPRED(Drug)



	[image: ]
	CWRES(Effect)_wrt_IPRED(Effect)



	[image: ]
	WRES(Effect)_wrt_PPRED(Drug)



	[image: ]
	WRES(Effect)_wrt_PPRED(Effect)









Outputs


Final objective value

22543.0278





which required 1. iterations and took 11.60 seconds



Fitted f[X] values (after fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Demonstration of CWRES diagnostic

[Generated automatically as a Generation summary]


Model Description


	Name:

	cwres_emax_correct_model



	Title:

	Demonstration of CWRES diagnostic



	Author:

	PoPy for PK/PD



	Abstract:

	





Demonstration of CWRES diagnostic on Hooker’s Emax model with

correct population parameters




	Keywords:

	cwres; emax



	Input Script:

	cwres_emax_correct_model_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population observed (gen) plots

(No population graphs were requested.)



Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Demonstration of CWRES diagnostic

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	cwres_emax_correct_model



	Title:

	Demonstration of CWRES diagnostic



	Author:

	PoPy for PK/PD



	Abstract:

	





Demonstration of CWRES diagnostic on Hooker’s Emax model with

correct population parameters




	Keywords:

	cwres; emax



	Input Script:

	cwres_emax_correct_model.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

22543.0278







Final fitted objective value

22543.0278







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[EMAX]

	100

	100

	100

	0.00e+00

	0.00%



	f[C50]

	20

	20

	20

	0.00e+00

	0.00%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[Hill]

	4.5

	4.5

	4.5

	0.00e+00

	0.00%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[EMAX_isv]

	0.5

	0.5

	0.5

	0.00e+00

	0.00%



	f[C50_isv]

	0.5

	0.5

	0.5

	0.00e+00

	0.00%









Outputs


Fitted f[X] values (after fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Demonstration of CWRES diagnostic (gen)


	Fit: Demonstration of CWRES diagnostic (fit)







Inputs


True f[X] values (for simulation)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000







Starting f[X] values (before fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Demonstration of CWRES diagnostic

[Generated automatically as a Fitting summary]


Model Description


	Name:

	cwres_emax_misspecified_model



	Title:

	Demonstration of CWRES diagnostic



	Author:

	PoPy for PK/PD



	Abstract:

	





Demonstration of CWRES diagnostic on Hooker’s Emax model with

incorrect population parameters




	Keywords:

	cwres; emax



	Input Script:

	cwres_emax_misspecified_model_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[EMAX]

	100.0000

	100.0000

	0.0000

	0.0000



	f[C50]

	20.0000

	20.0000

	0.0000

	0.0000








Compare Noise f[X]



Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[EMAX_isv]

	0.5000

	0.5000

	0.0000

	0.0000



	f[C50_isv]

	0.5000

	0.5000

	0.0000

	0.0000








Population observed (fit) plots



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(Effect)_wrt_IPRED(Drug)



	[image: ]
	CWRES(Effect)_wrt_IPRED(Effect)



	[image: ]
	WRES(Effect)_wrt_PPRED(Drug)



	[image: ]
	WRES(Effect)_wrt_PPRED(Effect)









Outputs


Final objective value

28300.1400





which required 1. iterations and took 12.32 seconds



Fitted f[X] values (after fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 1.0000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 1.0000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Demonstration of CWRES diagnostic

[Generated automatically as a Generation summary]


Model Description


	Name:

	cwres_emax_misspecified_model



	Title:

	Demonstration of CWRES diagnostic



	Author:

	PoPy for PK/PD



	Abstract:

	





Demonstration of CWRES diagnostic on Hooker’s Emax model with

incorrect population parameters




	Keywords:

	cwres; emax



	Input Script:

	cwres_emax_misspecified_model_gen.pyml



	Diagram:

	




[image: ]

Outputs


Population observed (gen) plots

(No population graphs were requested.)



Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Demonstration of CWRES diagnostic

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	cwres_emax_misspecified_model



	Title:

	Demonstration of CWRES diagnostic



	Author:

	PoPy for PK/PD



	Abstract:

	





Demonstration of CWRES diagnostic on Hooker’s Emax model with

incorrect population parameters




	Keywords:

	cwres; emax



	Input Script:

	cwres_emax_misspecified_model.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

28300.1400







Final fitted objective value

28300.1400







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[EMAX]

	100

	100

	100

	0.00e+00

	0.00%



	f[C50]

	20

	20

	20

	0.00e+00

	0.00%








Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[EMAX_isv]

	0.5

	0.5

	0.5

	0.00e+00

	0.00%



	f[C50_isv]

	0.5

	0.5

	0.5

	0.00e+00

	0.00%









Outputs


Fitted f[X] values (after fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 1.0000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Demonstration of CWRES diagnostic (gen)


	Fit: Demonstration of CWRES diagnostic (fit)







Inputs


True f[X] values (for simulation)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 4.5000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000







Starting f[X] values (before fitting)

f[EMAX] = 100.0000
f[C50] = 20.0000
f[Hill] = 1.0000
f[EMAX_isv] = 0.5000
f[C50_isv] = 0.5000










            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation diagonal matrix fit

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gen_diag_fit_diag



	Title:

	Diagonal matrix generation diagonal matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a diagonal covariance matrix to fit.




	Keywords:

	one compartment model; dep_one_cmp_cl; diagonal matrix



	Input Script:

	gen_diag_fit_diag_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1784

	0.1684

	16.8414



	f[CL_isv;V_isv]

	0.0000

	0.0000

	0.0000

	INF



	f[V_isv;CL_isv]

	0.0000

	0.0000

	0.0000

	INF



	f[V_isv]

	0.0100

	0.0881

	0.0781

	7.8090








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-2172.8028





which required 1.10 iterations and took 177.96 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1784, 0.0000 ],
    [ 0.0000, 0.0881 ],
]







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0000 ],
    [ 0.0000, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation diagonal matrix fit

[Generated automatically as a Generation summary]


Model Description


	Name:

	gen_diag_fit_diag



	Title:

	Diagonal matrix generation diagonal matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a diagonal covariance matrix to fit.




	Keywords:

	one compartment model; dep_one_cmp_cl; diagonal matrix



	Input Script:

	gen_diag_fit_diag_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.2000, 0.0000 ],
    [ 0.0000, 0.1000 ],
]










            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation diagonal matrix fit

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gen_diag_fit_diag



	Title:

	Diagonal matrix generation diagonal matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a diagonal covariance matrix to fit.




	Keywords:

	one compartment model; dep_one_cmp_cl; diagonal matrix



	Input Script:

	gen_diag_fit_diag_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-2170.8804







Final fitted objective value

-2172.8028







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.178

	0.2

	2.16e-02

	10.79%



	f[CL_isv;V_isv]

	0

	0

	0

	0.00e+00

	inf



	f[V_isv;CL_isv]

	0

	0

	0

	0.00e+00

	inf



	f[V_isv]

	0.01

	0.0881

	0.1

	1.19e-02

	11.91%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1784, 0.0000 ],
    [ 0.0000, 0.0881 ],
]







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Diagonal matrix generation diagonal matrix fit (gen)


	Fit: Diagonal matrix generation diagonal matrix fit (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.2000, 0.0000 ],
    [ 0.0000, 0.1000 ],
]







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0000 ],
    [ 0.0000, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation full matrix fit

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gen_diag_fit_full



	Title:

	Diagonal matrix generation full matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a full covariance matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix; full matrix



	Input Script:

	gen_diag_fit_full_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1803

	0.1703

	17.0335



	f[CL_isv;V_isv]

	0.0001

	0.0087

	0.0086

	86.2809



	f[V_isv;CL_isv]

	0.0001

	0.0087

	0.0086

	86.2809



	f[V_isv]

	0.0100

	0.0886

	0.0786

	7.8610








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-2173.3582





which required 1.11 iterations and took 308.79 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1803, 0.0087 ],
    [ 0.0087, 0.0886 ],
]







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0001 ],
    [ 0.0001, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation full matrix fit

[Generated automatically as a Generation summary]


Model Description


	Name:

	gen_diag_fit_full



	Title:

	Diagonal matrix generation full matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a full covariance matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix; full matrix



	Input Script:

	gen_diag_fit_full_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.2000, 0.0000 ],
    [ 0.0000, 0.1000 ],
]










            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation full matrix fit

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gen_diag_fit_full



	Title:

	Diagonal matrix generation full matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a full covariance matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix; full matrix



	Input Script:

	gen_diag_fit_full_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-2170.8803







Final fitted objective value

-2173.3582







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.18

	0.2

	1.97e-02

	9.83%



	f[CL_isv;V_isv]

	0.0001

	0.00873

	0

	8.73e-03

	inf



	f[V_isv;CL_isv]

	0.0001

	0.00873

	0

	8.73e-03

	inf



	f[V_isv]

	0.01

	0.0886

	0.1

	1.14e-02

	11.39%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1803, 0.0087 ],
    [ 0.0087, 0.0886 ],
]







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Diagonal matrix generation full matrix fit (gen)


	Fit: Diagonal matrix generation full matrix fit (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.2000, 0.0000 ],
    [ 0.0000, 0.1000 ],
]







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0001 ],
    [ 0.0001, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
Full matrix generation diagonal matrix fit

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gen_full_fit_diag



	Title:

	Full matrix generation diagonal matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a full covariance matrix to generate the data, but a diagonal matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix; full matrix



	Input Script:

	gen_full_fit_diag_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1241

	0.1141

	11.4085



	f[CL_isv;V_isv]

	0.0000

	0.0000

	0.0000

	INF



	f[V_isv;CL_isv]

	0.0000

	0.0000

	0.0000

	INF



	f[V_isv]

	0.0100

	0.1189

	0.1089

	10.8889








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-2188.3227





which required 1.13 iterations and took 181.52 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1241, 0.0000 ],
    [ 0.0000, 0.1189 ],
]







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0000 ],
    [ 0.0000, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Full matrix generation diagonal matrix fit

[Generated automatically as a Generation summary]


Model Description


	Name:

	gen_full_fit_diag



	Title:

	Full matrix generation diagonal matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a full covariance matrix to generate the data, but a diagonal matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix; full matrix



	Input Script:

	gen_full_fit_diag_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1500, 0.0500 ],
    [ 0.0500, 0.1500 ],
]










            

          

      

      

    

  

    
      
          
            
  
Full matrix generation diagonal matrix fit

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gen_full_fit_diag



	Title:

	Full matrix generation diagonal matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a full covariance matrix to generate the data, but a diagonal matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix; full matrix



	Input Script:

	gen_full_fit_diag_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-2181.8274







Final fitted objective value

-2188.3227







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.124

	0.15

	2.59e-02

	17.28%



	f[CL_isv;V_isv]

	0

	0

	0.05

	5.00e-02

	100.00%



	f[V_isv;CL_isv]

	0

	0

	0.05

	5.00e-02

	100.00%



	f[V_isv]

	0.01

	0.119

	0.15

	3.11e-02

	20.74%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1241, 0.0000 ],
    [ 0.0000, 0.1189 ],
]







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Full matrix generation diagonal matrix fit (gen)


	Fit: Full matrix generation diagonal matrix fit (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1500, 0.0500 ],
    [ 0.0500, 0.1500 ],
]







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0000 ],
    [ 0.0000, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
Full matrix generation full matrix fit

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gen_full_fit_full



	Title:

	Full matrix generation full matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a full covariance matrix to generate the data and a full covariance matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; full matrix



	Input Script:

	gen_full_fit_full_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1321

	0.1221

	12.2079



	f[CL_isv;V_isv]

	0.0010

	0.0587

	0.0577

	57.7276



	f[V_isv;CL_isv]

	0.0010

	0.0587

	0.0577

	57.7276



	f[V_isv]

	0.0100

	0.1394

	0.1294

	12.9381








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-2214.7314





which required 1.11 iterations and took 204.58 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1321, 0.0587 ],
    [ 0.0587, 0.1394 ],
]







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0010 ],
    [ 0.0010, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Full matrix generation full matrix fit

[Generated automatically as a Generation summary]


Model Description


	Name:

	gen_full_fit_full



	Title:

	Full matrix generation full matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a full covariance matrix to generate the data and a full covariance matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; full matrix



	Input Script:

	gen_full_fit_full_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1500, 0.0500 ],
    [ 0.0500, 0.1500 ],
]










            

          

      

      

    

  

    
      
          
            
  
Full matrix generation full matrix fit

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gen_full_fit_full



	Title:

	Full matrix generation full matrix fit



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a full covariance matrix to generate the data and a full covariance matrix to fit.




	Keywords:

	dep_one_cmp_cl; one compartment model; full matrix



	Input Script:

	gen_full_fit_full_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-2209.4308







Final fitted objective value

-2214.7314







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.132

	0.15

	1.79e-02

	11.95%



	f[CL_isv;V_isv]

	0.001

	0.0587

	0.05

	8.73e-03

	17.46%



	f[V_isv;CL_isv]

	0.001

	0.0587

	0.05

	8.73e-03

	17.46%



	f[V_isv]

	0.01

	0.139

	0.15

	1.06e-02

	7.08%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1321, 0.0587 ],
    [ 0.0587, 0.1394 ],
]







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Full matrix generation full matrix fit (gen)


	Fit: Full matrix generation full matrix fit (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.1500, 0.0500 ],
    [ 0.0500, 0.1500 ],
]







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv,V_isv] = [
    [ 0.0100, 0.0010 ],
    [ 0.0010, 0.0100 ],
]










            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation diagonal matrix fit using separate univariate normals

[Generated automatically as a Fitting summary]


Model Description


	Name:

	gen_indep_fit_indep



	Title:

	Diagonal matrix generation diagonal matrix fit using separate univariate normals



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a diagonal covariance matrix to fit.

Note here the ‘diagonal matrix’ is implemented as two separate univariate normal distributions, which is equivalent.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix



	Input Script:

	gen_indep_fit_indep_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



Compare Noise f[X]



Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[CL_isv]

	0.0100

	0.1784

	0.1684

	16.8414



	f[V_isv]

	0.0100

	0.0881

	0.0781

	7.8089








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME









Outputs


Final objective value

-2172.8028





which required 1.8 iterations and took 149.85 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.1784
f[V_isv] = 0.0881







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.0100
f[V_isv] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation diagonal matrix fit using separate univariate normals

[Generated automatically as a Generation summary]


Model Description


	Name:

	gen_indep_fit_indep



	Title:

	Diagonal matrix generation diagonal matrix fit using separate univariate normals



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a diagonal covariance matrix to fit.

Note here the ‘diagonal matrix’ is implemented as two separate univariate normal distributions, which is equivalent.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix



	Input Script:

	gen_indep_fit_indep_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS_vs_TIME








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000
f[V_isv] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
Diagonal matrix generation diagonal matrix fit using separate univariate normals

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	gen_indep_fit_indep



	Title:

	Diagonal matrix generation diagonal matrix fit using separate univariate normals



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with absorption compartment and CL/V parametrisation.

This script uses a diagonal covariance matrix to generate the data and a diagonal covariance matrix to fit.

Note here the ‘diagonal matrix’ is implemented as two separate univariate normal distributions, which is equivalent.




	Keywords:

	dep_one_cmp_cl; one compartment model; diagonal matrix



	Input Script:

	gen_indep_fit_indep_tut.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-2170.8804







Final fitted objective value

-2172.8028







Compare Main f[X]

No Main f[X] values to compare.



Compare Noise f[X]

No Noise f[X] values to compare.



Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[CL_isv]

	0.01

	0.178

	0.2

	2.16e-02

	10.79%



	f[V_isv]

	0.01

	0.0881

	0.1

	1.19e-02

	11.91%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.1784
f[V_isv] = 0.0881







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Diagonal matrix generation diagonal matrix fit using separate univariate normals (gen)


	Fit: Diagonal matrix generation diagonal matrix fit using separate univariate normals (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.2000
f[V_isv] = 0.1000







Starting f[X] values (before fitting)

f[KA] = 0.3000
f[CL] = 3.0000
f[V] = 20.0000
f[PNOISE_STD] = 0.1000
f[ANOISE_STD] = 0.0500
f[CL_isv] = 0.0100
f[V_isv] = 0.0100










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
First order absorption model with peripheral compartment

[Generated automatically as a Fitting summary]


Model Description


	Name:

	builtin_fit_example



	Title:

	First order absorption model with peripheral compartment



	Author:

	PoPy for PK/PD



	Abstract:

	





A two compartment PK model with bolus dose and

first order absorption, similar to a Nonmem advan4trans4 model.




	Keywords:

	fitting; pk; advan4; dep_two_cmp; first order



	Input Script:

	builtin_fit_example.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	1.0000

	0.1045

	0.8955

	0.8955



	f[CL]

	1.0000

	2.2200

	1.2200

	1.2200



	f[V1]

	20.0000

	24.8947

	4.8947

	0.2447



	f[Q]

	0.5000

	1.9247

	1.4247

	2.8495



	f[V2]

	100.0000

	54.8367

	45.1633

	0.4516








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.1397

	0.0397

	0.3974








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA_isv]

	0.0500

	0.0597

	0.0097

	0.1931



	f[KA_isv;CL_isv]

	0.0100

	0.0265

	0.0165

	1.6477



	f[KA_isv;V1_isv]

	0.0100

	0.0392

	0.0292

	2.9234



	f[KA_isv;Q_isv]

	0.0100

	0.0084

	0.0016

	0.1560



	f[KA_isv;V2_isv]

	0.0100

	-0.1074

	0.1174

	11.7363



	f[CL_isv;KA_isv]

	0.0100

	0.0265

	0.0165

	1.6477



	f[CL_isv]

	0.0500

	0.0214

	0.0286

	0.5715



	f[CL_isv;V1_isv]

	0.0100

	0.0394

	0.0294

	2.9408



	f[CL_isv;Q_isv]

	0.0100

	0.0053

	0.0047

	0.4708



	f[CL_isv;V2_isv]

	0.0100

	-0.0500

	0.0600

	5.9991



	f[V1_isv;KA_isv]

	0.0100

	0.0392

	0.0292

	2.9234



	f[V1_isv;CL_isv]

	0.0100

	0.0394

	0.0294

	2.9408



	f[V1_isv]

	0.0500

	0.2501

	0.2001

	4.0011



	f[V1_isv;Q_isv]

	0.0100

	0.0143

	0.0043

	0.4311



	f[V1_isv;V2_isv]

	0.0100

	-0.2982

	0.3082

	30.8220



	f[Q_isv;KA_isv]

	0.0100

	0.0084

	0.0016

	0.1560



	f[Q_isv;CL_isv]

	0.0100

	0.0053

	0.0047

	0.4708



	f[Q_isv;V1_isv]

	0.0100

	0.0143

	0.0043

	0.4311



	f[Q_isv]

	0.0500

	0.0046

	0.0454

	0.9084



	f[Q_isv;V2_isv]

	0.0100

	-0.0126

	0.0226

	2.2645



	f[V2_isv;KA_isv]

	0.0100

	-0.1074

	0.1174

	11.7363



	f[V2_isv;CL_isv]

	0.0100

	-0.0500

	0.0600

	5.9991



	f[V2_isv;V1_isv]

	0.0100

	-0.2982

	0.3082

	30.8220



	f[V2_isv;Q_isv]

	0.0100

	-0.0126

	0.0226

	2.2645



	f[V2_isv]

	0.0500

	0.7221

	0.6721

	13.4426








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)




Outputs


Final objective value

-910.0447





which required 1.30 iterations and took 71.09 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.1045
f[CL] = 2.2200
f[V1] = 24.8947
f[Q] = 1.9247
f[V2] = 54.8367
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.0597, 0.0265, 0.0392, 0.0084, -0.1074 ],
    [ 0.0265, 0.0214, 0.0394, 0.0053, -0.0500 ],
    [ 0.0392, 0.0394, 0.2501, 0.0143, -0.2982 ],
    [ 0.0084, 0.0053, 0.0143, 0.0046, -0.0126 ],
    [ -0.1074, -0.0500, -0.2982, -0.0126, 0.7221 ],
]
f[PNOISE] = 0.1397







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	builtin_fit_example_data.csv






Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[Q] = 0.5000
f[V2] = 100.0000
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.0500, 0.0100, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0100, 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
First order absorption model with peripheral compartment

[Generated automatically as a Generation summary]


Model Description


	Name:

	builtin_gen_example



	Title:

	First order absorption model with peripheral compartment



	Author:

	PoPy for PK/PD



	Abstract:

	





A two compartment PK model with bolus dose and

first order absorption, similar to a Nonmem advan4trans4 model.




	Keywords:

	generating; pk; advan4; dep_two_cmp; first order



	Input Script:

	builtin_gen_example.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)



Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.2000
f[CL] = 2.0000
f[V1] = 50.0000
f[Q] = 1.0000
f[V2] = 80.0000
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.1000, 0.0100, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0300, -0.0100, 0.0200, 0.0200 ],
    [ 0.0100, -0.0100, 0.0900, 0.0100, 0.0100 ],
    [ 0.0100, 0.0200, 0.0100, 0.0700, 0.0100 ],
    [ 0.0100, 0.0200, 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1500










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
First order absorption model with peripheral compartment

[Generated automatically as a Fitting summary]


Model Description


	Name:

	builtin_tut_example



	Title:

	First order absorption model with peripheral compartment



	Author:

	PoPy for PK/PD



	Abstract:

	





A two compartment PK model with bolus dose and

first order absorption, similar to a Nonmem advan4trans4 model.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; first order



	Input Script:

	builtin_tut_example_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA]

	1.0000

	0.1762

	0.8238

	0.8238



	f[CL]

	1.0000

	2.0490

	1.0490

	1.0490



	f[V1]

	20.0000

	47.0285

	27.0285

	1.3514



	f[Q]

	0.5000

	1.2403

	0.7403

	1.4805



	f[V2]

	100.0000

	62.1150

	37.8850

	0.3789








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.1411

	0.0411

	0.4113








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KA_isv]

	0.0500

	0.0714

	0.0214

	0.4280



	f[KA_isv;CL_isv]

	0.0100

	0.0735

	0.0635

	6.3503



	f[KA_isv;V1_isv]

	0.0100

	-0.0075

	0.0175

	1.7472



	f[KA_isv;Q_isv]

	0.0100

	-0.1399

	0.1499

	14.9949



	f[KA_isv;V2_isv]

	0.0100

	-0.0601

	0.0701

	7.0141



	f[CL_isv;KA_isv]

	0.0100

	0.0735

	0.0635

	6.3503



	f[CL_isv]

	0.0500

	0.1422

	0.0922

	1.8435



	f[CL_isv;V1_isv]

	0.0100

	-0.0039

	0.0139

	1.3947



	f[CL_isv;Q_isv]

	0.0100

	-0.1256

	0.1356

	13.5620



	f[CL_isv;V2_isv]

	0.0100

	-0.2318

	0.2418

	24.1773



	f[V1_isv;KA_isv]

	0.0100

	-0.0075

	0.0175

	1.7472



	f[V1_isv;CL_isv]

	0.0100

	-0.0039

	0.0139

	1.3947



	f[V1_isv]

	0.0500

	0.0894

	0.0394

	0.7890



	f[V1_isv;Q_isv]

	0.0100

	0.0483

	0.0383

	3.8312



	f[V1_isv;V2_isv]

	0.0100

	0.1059

	0.0959

	9.5884



	f[Q_isv;KA_isv]

	0.0100

	-0.1399

	0.1499

	14.9949



	f[Q_isv;CL_isv]

	0.0100

	-0.1256

	0.1356

	13.5620



	f[Q_isv;V1_isv]

	0.0100

	0.0483

	0.0383

	3.8312



	f[Q_isv]

	0.0500

	0.3014

	0.2514

	5.0282



	f[Q_isv;V2_isv]

	0.0100

	0.0929

	0.0829

	8.2925



	f[V2_isv;KA_isv]

	0.0100

	-0.0601

	0.0701

	7.0141



	f[V2_isv;CL_isv]

	0.0100

	-0.2318

	0.2418

	24.1773



	f[V2_isv;V1_isv]

	0.0100

	0.1059

	0.0959

	9.5884



	f[V2_isv;Q_isv]

	0.0100

	0.0929

	0.0829

	8.2925



	f[V2_isv]

	0.0500

	0.6551

	0.6051

	12.1021








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)




Outputs


Final objective value

-894.0829





which required 1.30 iterations and took 71.98 seconds



Fitted f[X] values (after fitting)

f[KA] = 0.1762
f[CL] = 2.0490
f[V1] = 47.0285
f[Q] = 1.2403
f[V2] = 62.1150
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.0714, 0.0735, -0.0075, -0.1399, -0.0601 ],
    [ 0.0735, 0.1422, -0.0039, -0.1256, -0.2318 ],
    [ -0.0075, -0.0039, 0.0894, 0.0483, 0.1059 ],
    [ -0.1399, -0.1256, 0.0483, 0.3014, 0.0929 ],
    [ -0.0601, -0.2318, 0.1059, 0.0929, 0.6551 ],
]
f[PNOISE] = 0.1411







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[Q] = 0.5000
f[V2] = 100.0000
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.0500, 0.0100, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0100, 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
First order absorption model with peripheral compartment

[Generated automatically as a Generation summary]


Model Description


	Name:

	builtin_tut_example



	Title:

	First order absorption model with peripheral compartment



	Author:

	PoPy for PK/PD



	Abstract:

	





A two compartment PK model with bolus dose and

first order absorption, similar to a Nonmem advan4trans4 model.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; first order



	Input Script:

	builtin_tut_example_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)



Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KA] = 0.2000
f[CL] = 2.0000
f[V1] = 50.0000
f[Q] = 1.0000
f[V2] = 80.0000
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.1000, 0.0100, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0300, -0.0100, 0.0200, 0.0200 ],
    [ 0.0100, -0.0100, 0.0900, 0.0100, 0.0100 ],
    [ 0.0100, 0.0200, 0.0100, 0.0700, 0.0100 ],
    [ 0.0100, 0.0200, 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1500










            

          

      

      

    

  

    
      
          
            
  
First order absorption model with peripheral compartment

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	builtin_tut_example



	Title:

	First order absorption model with peripheral compartment



	Author:

	PoPy for PK/PD



	Abstract:

	





A two compartment PK model with bolus dose and

first order absorption, similar to a Nonmem advan4trans4 model.




	Keywords:

	tutorial; pk; advan4; dep_two_cmp; first order



	Input Script:

	builtin_tut_example.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-873.1410







Final fitted objective value

-894.0829







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA]

	1

	0.176

	0.2

	2.38e-02

	11.89%



	f[CL]

	1

	2.05

	2

	4.90e-02

	2.45%



	f[V1]

	20

	47

	50

	2.97e+00

	5.94%



	f[Q]

	0.5

	1.24

	1

	2.40e-01

	24.03%



	f[V2]

	100

	62.1

	80

	1.79e+01

	22.36%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE]

	0.1

	0.141

	0.15

	8.87e-03

	5.92%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KA_isv]

	0.05

	0.0714

	0.1

	2.86e-02

	28.60%



	f[KA_isv;CL_isv]

	0.01

	0.0735

	0.01

	6.35e-02

	635.03%



	f[KA_isv;V1_isv]

	0.01

	-0.00747

	0.01

	1.75e-02

	174.72%



	f[KA_isv;Q_isv]

	0.01

	-0.14

	0.01

	1.50e-01

	1499.49%



	f[KA_isv;V2_isv]

	0.01

	-0.0601

	0.01

	7.01e-02

	701.41%



	f[CL_isv;KA_isv]

	0.01

	0.0735

	0.01

	6.35e-02

	635.03%



	f[CL_isv]

	0.05

	0.142

	0.03

	1.12e-01

	373.92%



	f[CL_isv;V1_isv]

	0.01

	-0.00395

	-0.01

	6.05e-03

	60.53%



	f[CL_isv;Q_isv]

	0.01

	-0.126

	0.02

	1.46e-01

	728.10%



	f[CL_isv;V2_isv]

	0.01

	-0.232

	0.02

	2.52e-01

	1258.86%



	f[V1_isv;KA_isv]

	0.01

	-0.00747

	0.01

	1.75e-02

	174.72%



	f[V1_isv;CL_isv]

	0.01

	-0.00395

	-0.01

	6.05e-03

	60.53%



	f[V1_isv]

	0.05

	0.0894

	0.09

	5.51e-04

	0.61%



	f[V1_isv;Q_isv]

	0.01

	0.0483

	0.01

	3.83e-02

	383.12%



	f[V1_isv;V2_isv]

	0.01

	0.106

	0.01

	9.59e-02

	958.84%



	f[Q_isv;KA_isv]

	0.01

	-0.14

	0.01

	1.50e-01

	1499.49%



	f[Q_isv;CL_isv]

	0.01

	-0.126

	0.02

	1.46e-01

	728.10%



	f[Q_isv;V1_isv]

	0.01

	0.0483

	0.01

	3.83e-02

	383.12%



	f[Q_isv]

	0.05

	0.301

	0.07

	2.31e-01

	330.59%



	f[Q_isv;V2_isv]

	0.01

	0.0929

	0.01

	8.29e-02

	829.25%



	f[V2_isv;KA_isv]

	0.01

	-0.0601

	0.01

	7.01e-02

	701.41%



	f[V2_isv;CL_isv]

	0.01

	-0.232

	0.02

	2.52e-01

	1258.86%



	f[V2_isv;V1_isv]

	0.01

	0.106

	0.01

	9.59e-02

	958.84%



	f[V2_isv;Q_isv]

	0.01

	0.0929

	0.01

	8.29e-02

	829.25%



	f[V2_isv]

	0.05

	0.655

	0.05

	6.05e-01

	1210.21%









Outputs


Fitted f[X] values (after fitting)

f[KA] = 0.1762
f[CL] = 2.0490
f[V1] = 47.0285
f[Q] = 1.2403
f[V2] = 62.1150
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.0714, 0.0735, -0.0075, -0.1399, -0.0601 ],
    [ 0.0735, 0.1422, -0.0039, -0.1256, -0.2318 ],
    [ -0.0075, -0.0039, 0.0894, 0.0483, 0.1059 ],
    [ -0.1399, -0.1256, 0.0483, 0.3014, 0.0929 ],
    [ -0.0601, -0.2318, 0.1059, 0.0929, 0.6551 ],
]
f[PNOISE] = 0.1411







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: First order absorption model with peripheral compartment (gen)


	Fit: First order absorption model with peripheral compartment (fit)







Inputs


True f[X] values (for simulation)

f[KA] = 0.2000
f[CL] = 2.0000
f[V1] = 50.0000
f[Q] = 1.0000
f[V2] = 80.0000
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.1000, 0.0100, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0300, -0.0100, 0.0200, 0.0200 ],
    [ 0.0100, -0.0100, 0.0900, 0.0100, 0.0100 ],
    [ 0.0100, 0.0200, 0.0100, 0.0700, 0.0100 ],
    [ 0.0100, 0.0200, 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1500







Starting f[X] values (before fitting)

f[KA] = 1.0000
f[CL] = 1.0000
f[V1] = 20.0000
f[Q] = 0.5000
f[V2] = 100.0000
f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
    [ 0.0500, 0.0100, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0500, 0.0100, 0.0100, 0.0100 ],
    [ 0.0100, 0.0100, 0.0500, 0.0100, 0.0100 ],
    [ 0.0100, 0.0100, 0.0100, 0.0500, 0.0100 ],
    [ 0.0100, 0.0100, 0.0100, 0.0100, 0.0500 ],
]
f[PNOISE] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
Simple Fit Example

[Generated automatically as a Fitting summary]


Model Description


	Name:

	fit_example1



	Title:

	Simple Fit Example



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with elimination rate constant KE.




	Keywords:

	one compartment model; iv_one_cmp_k



	Input Script:

	fit_example1.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KE]

	0.0500

	0.0968

	0.0468

	0.9356








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.2135

	0.1135

	1.1352








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KE_isv]

	0.1000

	0.0160

	0.0840

	0.8398








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots

(No population graphs were requested.)



Population simulated (msim) plots



	[image: ]
	allOBS_vs_TIME_VPC









Outputs


Final objective value

303.0548





which required 1.15 iterations and took 58.56 seconds



Fitted f[X] values (after fitting)

f[KE] = 0.0968
f[PNOISE] = 0.2135
f[KE_isv] = 0.0160







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	fit_example1_data.csv






Starting f[X] values (before fitting)

f[KE] = 0.0500
f[PNOISE] = 0.1000
f[KE_isv] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
Simple Tut Example

[Generated automatically as a Fitting summary]


Model Description


	Name:

	tut_example1



	Title:

	Simple Tut Example



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with elimination rate constant KE.




	Keywords:

	one compartment model; iv_one_cmp_k



	Input Script:

	tut_example1_fit.pyml



	Diagram:

	




[image: ]

Comparison


Compare Main f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KE]

	0.0500

	0.1062

	0.0562

	1.1233








Compare Noise f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[PNOISE]

	0.1000

	0.0450

	0.0550

	0.5503








Compare Variance f[X]



	Variable Name

	Starting Value

	Fitted Value

	Abs Change

	Prop Change





	f[KE_isv]

	0.1000

	0.0260

	0.0740

	0.7398








Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS(DV_CENTRAL)_vs_IPRED(CEN)



	[image: ]
	allOBS(DV_CENTRAL)_vs_PPRED(CEN)



	[image: ]
	allOBS_vs_TIME



	[image: ]
	CWRES(DV_CENTRAL)_wrt_IPRED(CEN)



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(CEN)



	[image: ]
	WRES(DV_CENTRAL)_wrt_IPRED(CEN)



	[image: ]
	WRES(DV_CENTRAL)_wrt_PPRED(CEN)









Outputs


Final objective value

-48.4038





which required 1.11 iterations and took 34.89 seconds



Fitted f[X] values (after fitting)

f[KE] = 0.1062
f[PNOISE] = 0.0450
f[KE_isv] = 0.0260







Fitted parameter .csv files


	Fixed Effects:

	fx_params.csv (fit)



	Random Effects:

	rx_params.csv (fit)



	Model params:

	mx_params.csv (fit)



	State values:

	sx_params.csv (fit)



	Predictions:

	px_params.csv (fit)



	Likelihoods:

	lx_params.csv (fit)








Inputs


	Input Data:

	cx_obs_params.csv






Starting f[X] values (before fitting)

f[KE] = 0.0500
f[PNOISE] = 0.1000
f[KE_isv] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
Simple Tut Example

[Generated automatically as a Generation summary]


Model Description


	Name:

	tut_example1



	Title:

	Simple Tut Example



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with elimination rate constant KE.




	Keywords:

	one compartment model; iv_one_cmp_k



	Input Script:

	tut_example1_gen.pyml



	Diagram:

	




[image: ]

Outputs


Individual simulated (sim) plots

[image: ][image: ][image: ]Alternatively see All simulated_sim graph plots



Population simulated (sim) plots



	[image: ]
	allOBS(DV_CENTRAL)_vs_IPRED(CEN)



	[image: ]
	allOBS_vs_TIME



	[image: ]
	RES(DV_CENTRAL)_wrt_IPRED(CEN)



	[image: ]
	WRES(DV_CENTRAL)_wrt_IPRED(CEN)








Generated parameter .csv files


	Fixed Effects:

	fx_params.csv (gen)



	Random Effects:

	rx_params.csv (gen)



	Model params:

	mx_params.csv (gen)



	State values:

	sx_params.csv (gen)



	Predictions:

	px_params.csv (gen)



	Observations:

	synthetic_data.csv (gen)








Inputs


True f[X] values (for simulation)

f[KE] = 0.1000
f[PNOISE] = 0.0500
f[KE_isv] = 0.0300










            

          

      

      

    

  

    
      
          
            
  
Simple Tut Example

[Generated automatically as a Tutorial summary]


Model Description


	Name:

	tut_example1



	Title:

	Simple Tut Example



	Author:

	PoPy for PK/PD



	Abstract:

	





One compartment model with elimination rate constant KE.




	Keywords:

	one compartment model; iv_one_cmp_k



	Input Script:

	tut_example1.pyml



	Diagram:

	




[image: ]

Comparison


True objective value

-44.1427







Final fitted objective value

-48.4038







Compare Main f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KE]

	0.05

	0.106

	0.1

	6.17e-03

	6.17%








Compare Noise f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[PNOISE]

	0.1

	0.045

	0.05

	5.03e-03

	10.06%








Compare Variance f[X]



	Name

	Initial

	Fitted

	True

	Abs. Error

	Prop. Error





	f[KE_isv]

	0.1

	0.026

	0.03

	3.98e-03

	13.28%









Outputs


Fitted f[X] values (after fitting)

f[KE] = 0.1062
f[PNOISE] = 0.0450
f[KE_isv] = 0.0260







Generated data .csv file


	Synthetic Data:

	synthetic_data.csv







Gen and Fit Summaries


	Gen: Simple Tut Example (gen)


	Fit: Simple Tut Example (fit)







Inputs


True f[X] values (for simulation)

f[KE] = 0.1000
f[PNOISE] = 0.0500
f[KE_isv] = 0.0300







Starting f[X] values (before fitting)

f[KE] = 0.0500
f[PNOISE] = 0.1000
f[KE_isv] = 0.1000










            

          

      

      

    

  

    
      
          
            
  
All simulated_sim graph plots

And here are simulated_sim data curves:-

[image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ][image: ]


            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for comp_script

Example:-

METHOD_OPTIONS:
    py_module: comp
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(comp)

Python module required to process this script file

Example:-

py_module: comp







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

File paths for comp script

Example:-

FILE_PATHS:
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False
    gen_script_path: my_pkpd_model_gen.pyml
    gen_output_folder: my_pkpd_model_gen.pyml_output
    fit_script_path: my_pkpd_model_fit.pyml
    fit_output_folder: my_pkpd_model_fit.pyml_output
    solutions:
        fit_obs: input_observations_soln.pyml
        gen_pred: my_pkpd_model_gen.pyml_output/generated_data/solution.pyml
        gen_sim_pred: my_pkpd_model_gen.pyml_output/my_pkpd_model_sim.pyml_output/gen_pred/solution.pyml
        final_fit_ipred: my_pkpd_model_fit.pyml_output/solN/solution.pyml
        final_fit_sim_ipred: my_pkpd_model_fit.pyml_output/my_pkpd_model_sim.pyml_output/final_fit_ipred/solution.pyml






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







gen_script_path

Type: input_file / auto

Path to gen_script.

Example:-

gen_script_path: my_pkpd_model_gen.pyml







gen_output_folder

Type: output_folder / auto

Gen script output folder.

Example:-

gen_output_folder: my_pkpd_model_gen.pyml_output







fit_script_path

Type: input_file / auto

Path to fit_script.

Example:-

fit_script_path: my_pkpd_model_fit.pyml







fit_output_folder

Type: output_folder / auto

Fit script output folder.

Example:-

fit_output_folder: my_pkpd_model_fit.pyml_output







solutions

Type: dict

Solutions to compare

Example:-

solutions:
    fit_obs: input_observations_soln.pyml
    gen_pred: my_pkpd_model_gen.pyml_output/generated_data/solution.pyml
    gen_sim_pred: my_pkpd_model_gen.pyml_output/my_pkpd_model_sim.pyml_output/gen_pred/solution.pyml
    final_fit_ipred: my_pkpd_model_fit.pyml_output/solN/solution.pyml
    final_fit_sim_ipred: my_pkpd_model_fit.pyml_output/my_pkpd_model_sim.pyml_output/final_fit_ipred/solution.pyml








COMP_OPTIONS

Type: dict_record

Options for comp script

Example:-

COMP_OPTIONS:
    compute_gen_objective_value: True
    compute_fit_objective_value: True






compute_gen_objective_value

Type: bool

Compute objective value of generated data given generated parameters.

Example:-

compute_gen_objective_value: True







compute_fit_objective_value

Type: bool

Compute objective value of generated data using fitted parameters.

Example:-

compute_fit_objective_value: True








OUTPUT_SCRIPTS

Type: dict_record

scripts to output for further processing

Example:-

OUTPUT_SCRIPTS:
    GRPH: {output_mode: none, grph_list: ['OBS_vs_TIME']}






GRPH

Type: dict_record

options to pass to grph script.

Example:-

GRPH:
    output_mode: none
    grph_list: ['OBS_vs_TIME']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for fit_script

Example:-

METHOD_OPTIONS:
    py_module: fit
    rand_seed: 12345
    float_format: default
    restart_from_cached: False






py_module

Type: one_of(fit)

Python module required to process this script file

Example:-

py_module: fit







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default







restart_from_cached

Type: bool

Restart a run from a cached checkpoint.

Example:-

restart_from_cached: False








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths for fit_script

Example:-

FILE_PATHS:
    input_data_file: my_pkpd_model_gen.pyml_output/generated_data/cx_obs_params.csv
    input_data_delimiter: auto
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False
    input_solution_file: none
    output_iteration_results: True






input_data_file

Type: input_file

path to input comma separated value file in popy data format

Example:-

input_data_file: my_pkpd_model_gen.pyml_output/generated_data/cx_obs_params.csv







input_data_delimiter

Type: str

Delimiter character used in the data file.

Example:-

input_data_delimiter: auto







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







input_solution_file

Type: input_file / none

Solution containing f[X] values from a previous run.

Example:-

input_solution_file: none







output_iteration_results

Type: bool

Option to output iteration-by-iteration values.

Example:-

output_iteration_results: True








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







EFFECTS

Type: repeat_verb_record

EFFECT params to define hierarchical population model

Example:-

EFFECTS:
    POP: |
        f[KA] ~ P1.0
        f[CL] ~ P1.0
        f[V1] ~ P20
        f[Q] ~ P0.5
        f[V2] ~ P100
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] ~ spd_matrix() [
            [0.05],
            [0.01, 0.05],
            [0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] ~ P0.1

    ID: |
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









FIT_METHODS

Type: list_record

one of many possible fitters

Example:-

FIT_METHODS:
    - JOE:
        ODE_SOLVER: {INHERIT: {}}
        output_timing_flag: False
        output_warning_detail_flag: True
        max_n_main_iterations: 30
        CONVERGER: {OBJ_INC: {}}
        use_laplacian: False
        use_chain: True
        use_lm_jac: True
        lm_method: lm
        reset_re_flag: True






JOE

Type: dict_record

Joint Optimisation and Estimation method

Example:-

JOE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True








ND

Type: dict_record

None Derivative Optimisation method

Example:-

ND:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True
    qa_imp_delta: 0.001
    var_fx_bobyqa_opt_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True







qa_imp_delta

Type: float

Threshold on improvement to stop quadratic approximation search.

Example:-

qa_imp_delta: 0.001







var_fx_bobyqa_opt_flag

Type: bool

Option to include var f[X] in BOBYQA optimisation

Example:-

var_fx_bobyqa_opt_flag: True








FOCE

Type: dict_record

First order conditional estimation method

Example:-

FOCE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True









COVARIANCE

Type: one_of_record

Covariance methods used to estimate standard errors.

Example:-

COVARIANCE:
    NO_COVARIANCE: {}






NO_COVARIANCE

Type: dict_record

Do NOT compute covariance matrix and standard errors.

Example:-

NO_COVARIANCE: {}







SANDWICH

Type: dict_record

Use sandwich operator to estimate covariance matrix.

Example:-

SANDWICH:
    var_covariance_flag: False
    inv_hessian_flag: False






var_covariance_flag

Type: bool

Optionally compute standard errors for f[X] covariance elements this could take a long time for large covariance matrices. Note the results of the standard error computation for the main f[X] parameters combined with the variances will be different.

Example:-

var_covariance_flag: False







inv_hessian_flag

Type: bool

Optionally invert the hessian and output results to disk. this is mainly to generate PoPy documentation output.

Example:-

inv_hessian_flag: False









OUTPUT_SCRIPTS

Type: dict_record

List of scripts to output for further processing

Example:-

OUTPUT_SCRIPTS:
    GRPH: {output_mode: none, grph_list: ['OBS_vs_TIME']}
    TABLE: {output_mode: none, tables_list: []}
    SIM:
        output_mode: run
        sim_time_step: 1.0
        grph_list: ['OBS_vs_TIME']
        tables_list: []
    MSIM: {output_mode: create, vpc_list: ['OBS_vs_TIME_VPC']}
    FITSUM: {output_mode: run}






GRPH

Type: dict_record

options to pass to grph script.

Example:-

GRPH:
    output_mode: none
    grph_list: ['OBS_vs_TIME']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']








TABLE

Type: dict_record

Options to pass to TAB script.

Example:-

TABLE:
    output_mode: none
    tables_list: []






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







tables_list

Type: list_record

List of tables to create.

Example:-

tables_list:
    - TABLE:
        input_solution: final_fit_ipred
        output_file: my_table.csv
        cx_columns: "*"
        mx_columns: "*"
        sx_columns: "*"
        px_columns: "*"






TABLE

Type: dict_record

Table properties.

Example:-

TABLE:
    input_solution: final_fit_ipred
    output_file: my_table.csv
    cx_columns: "*"
    mx_columns: "*"
    sx_columns: "*"
    px_columns: "*"






input_solution

Type: str

Label of the solution to parse

Example:-

input_solution: final_fit_ipred







output_file

Type: output_file

Destination file for table

Example:-

output_file: my_table.csv







cx_columns

Type: list(str) / star

Columns from covariates/observations table to output

Example:-

cx_columns: "*"







mx_columns

Type: list(str) / star

Columns from model_params table to output

Example:-

mx_columns: "*"







sx_columns

Type: list(str) / star

Columns from states table to output

Example:-

sx_columns: "*"







px_columns

Type: list(str) / star

Columns from predictions table to output

Example:-

px_columns: "*"










SIM

Type: dict_record

options to pass to sim script.

Example:-

SIM:
    output_mode: none
    sim_time_step: -1.0
    grph_list: ['OBS_vs_TIME']
    tables_list:
        - TABLE:
            input_solution: final_fit_ipred
            output_file: my_table.csv
            cx_columns: "*"
            mx_columns: "*"
            sx_columns: "*"
            px_columns: "*"






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







sim_time_step

Type: float

Size of time step when creating smooth curve predictions
note setting this to a negative value, results in
simulated predictions for each individual
ONLY at time points in the original data set.

Example:-

sim_time_step: -1.0







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']







tables_list

Type: list_record

List of tables to create.

Example:-

tables_list:
    - TABLE:
        input_solution: final_fit_ipred
        output_file: my_table.csv
        cx_columns: "*"
        mx_columns: "*"
        sx_columns: "*"
        px_columns: "*"






TABLE

Type: dict_record

Table properties.

Example:-

TABLE:
    input_solution: final_fit_ipred
    output_file: my_table.csv
    cx_columns: "*"
    mx_columns: "*"
    sx_columns: "*"
    px_columns: "*"






input_solution

Type: str

Label of the solution to parse

Example:-

input_solution: final_fit_ipred







output_file

Type: output_file

Destination file for table

Example:-

output_file: my_table.csv







cx_columns

Type: list(str) / star

Columns from covariates/observations table to output

Example:-

cx_columns: "*"







mx_columns

Type: list(str) / star

Columns from model_params table to output

Example:-

mx_columns: "*"







sx_columns

Type: list(str) / star

Columns from states table to output

Example:-

sx_columns: "*"







px_columns

Type: list(str) / star

Columns from predictions table to output

Example:-

px_columns: "*"










MSIM

Type: dict_record

options to pass to msim script.

Example:-

MSIM:
    output_mode: none
    vpc_list: ['OBS_vs_TIME_VPC']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







vpc_list

Type: list(str)

List of vpc types to generate in popy_vpc script.

Example:-

vpc_list: ['OBS_vs_TIME_VPC']








FITSUM

Type: dict_record

options to pass to fitsum_script.

Example:-

FITSUM:
    output_mode: none






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for popy_fitsum

Example:-

METHOD_OPTIONS:
    py_module: fitsum
    float_format: default






py_module

Type: one_of(fitsum)

Python module required to process this script file

Example:-

py_module: fitsum







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    fit_script_path: fit_script.pyml
    fit_output_folder: fit_script.pyml_output
    sim_script_path: none
    sim_output_folder: none
    build_root: auto
    log_folder: auto
    output_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False






fit_script_path

Type: input_file

Path to original fit_script.

Example:-

fit_script_path: fit_script.pyml







fit_output_folder

Type: output_folder / none

fit output_folder.

Example:-

fit_output_folder: fit_script.pyml_output







sim_script_path

Type: input_file / none

Path to original sim_script output by fit script.

Example:-

sim_script_path: none







sim_output_folder

Type: output_folder / none

sim_script output folder.

Example:-

sim_output_folder: none







build_root

Type: output_folder / auto

Path to the root of the build tree

Example:-

build_root: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False








OUTPUT_OPTIONS

Type: dict_record

Output options

Example:-

OUTPUT_OPTIONS:
    label: auto
    build_html: True






label

Type: str / auto

Label to give to the tutorial run.

Example:-

label: auto







build_html

Type: bool

Whether or not to build the html from the generated source.

Example:-

build_html: True









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for gen_script

Example:-

METHOD_OPTIONS:
    py_module: gen
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(gen)

Python module required to process this script file

Example:-

py_module: gen







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths for script

Example:-

FILE_PATHS:
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








EFFECTS

Type: repeat_verb_record

EFFECT params to define hierarchical population model

Example:-

EFFECTS:
    POP: |
        c[AMT] = 100.0
        f[KA] = 0.2
        f[CL] = 2.0
        f[V1] = 50
        f[Q] = 1.0
        f[V2] = 80
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
            [0.1],
            [0.01, 0.03],
            [0.01, -0.01, 0.09],
            [0.01, 0.02, 0.01, 0.07],
            [0.01, 0.02, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] = 0.15

    ID: |
        c[ID] = sequential(50)
        t[DOSE] = 2.0
        t[OBS] ~ unif(1.0, 50.0; 5)
        # t[OBS] = range(1.0, 50.0; 5)
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







POSTPROCESS

Type: verbatim

Code that postprocesses the output data.
Use this to filter rows and create derived covariates, after
the main data curves have been generated.

Example:-

POSTPROCESS: |







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









OUTPUT_SCRIPTS

Type: dict_record

scripts to output for further processing

Example:-

OUTPUT_SCRIPTS:
    GRPH: {output_mode: none, grph_list: ['OBS_vs_TIME']}
    TABLE: {output_mode: none, tables_list: []}
    SIM:
        output_mode: run
        sim_time_step: 1.0
        grph_list: ['OBS_vs_TIME']
        tables_list: []
    GENSUM: {output_mode: run}






GRPH

Type: dict_record

options to pass to grph script.

Example:-

GRPH:
    output_mode: none
    grph_list: ['OBS_vs_TIME']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']








TABLE

Type: dict_record

Options to pass to TAB script.

Example:-

TABLE:
    output_mode: none
    tables_list: []






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







tables_list

Type: list_record

List of tables to create.

Example:-

tables_list:
    - TABLE:
        input_solution: final_fit_ipred
        output_file: my_table.csv
        cx_columns: "*"
        mx_columns: "*"
        sx_columns: "*"
        px_columns: "*"






TABLE

Type: dict_record

Table properties.

Example:-

TABLE:
    input_solution: final_fit_ipred
    output_file: my_table.csv
    cx_columns: "*"
    mx_columns: "*"
    sx_columns: "*"
    px_columns: "*"






input_solution

Type: str

Label of the solution to parse

Example:-

input_solution: final_fit_ipred







output_file

Type: output_file

Destination file for table

Example:-

output_file: my_table.csv







cx_columns

Type: list(str) / star

Columns from covariates/observations table to output

Example:-

cx_columns: "*"







mx_columns

Type: list(str) / star

Columns from model_params table to output

Example:-

mx_columns: "*"







sx_columns

Type: list(str) / star

Columns from states table to output

Example:-

sx_columns: "*"







px_columns

Type: list(str) / star

Columns from predictions table to output

Example:-

px_columns: "*"










SIM

Type: dict_record

options to pass to sim script.

Example:-

SIM:
    output_mode: none
    sim_time_step: -1.0
    grph_list: ['OBS_vs_TIME']
    tables_list:
        - TABLE:
            input_solution: final_fit_ipred
            output_file: my_table.csv
            cx_columns: "*"
            mx_columns: "*"
            sx_columns: "*"
            px_columns: "*"






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







sim_time_step

Type: float

Size of time step when creating smooth curve predictions
note setting this to a negative value, results in
simulated predictions for each individual
ONLY at time points in the original data set.

Example:-

sim_time_step: -1.0







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']







tables_list

Type: list_record

List of tables to create.

Example:-

tables_list:
    - TABLE:
        input_solution: final_fit_ipred
        output_file: my_table.csv
        cx_columns: "*"
        mx_columns: "*"
        sx_columns: "*"
        px_columns: "*"






TABLE

Type: dict_record

Table properties.

Example:-

TABLE:
    input_solution: final_fit_ipred
    output_file: my_table.csv
    cx_columns: "*"
    mx_columns: "*"
    sx_columns: "*"
    px_columns: "*"






input_solution

Type: str

Label of the solution to parse

Example:-

input_solution: final_fit_ipred







output_file

Type: output_file

Destination file for table

Example:-

output_file: my_table.csv







cx_columns

Type: list(str) / star

Columns from covariates/observations table to output

Example:-

cx_columns: "*"







mx_columns

Type: list(str) / star

Columns from model_params table to output

Example:-

mx_columns: "*"







sx_columns

Type: list(str) / star

Columns from states table to output

Example:-

sx_columns: "*"







px_columns

Type: list(str) / star

Columns from predictions table to output

Example:-

px_columns: "*"










GENSUM

Type: dict_record

options to pass to gensum script.

Example:-

GENSUM:
    output_mode: none






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for gensum

Example:-

METHOD_OPTIONS:
    py_module: gensum
    float_format: default






py_module

Type: one_of(gensum)

Python module required to process this script file

Example:-

py_module: gensum







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    gen_script_path: gen_script.pyml
    gen_output_folder: gen_script.pyml_output
    sim_script_path: none
    sim_output_folder: none
    build_root: auto
    output_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False






gen_script_path

Type: input_file

Path to original gen_script.

Example:-

gen_script_path: gen_script.pyml







gen_output_folder

Type: output_folder / none

gen output folder.

Example:-

gen_output_folder: gen_script.pyml_output







sim_script_path

Type: input_file / none

Path to original sim_script output by gen_script.

Example:-

sim_script_path: none







sim_output_folder

Type: output_folder / none

sim output folder.

Example:-

sim_output_folder: none







build_root

Type: output_folder / auto

Path to the root of the build tree

Example:-

build_root: auto







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False








OUTPUT_OPTIONS

Type: dict_record

Output options

Example:-

OUTPUT_OPTIONS:
    label: auto
    build_html: True






label

Type: str / auto

Label to give to the tutorial run.

Example:-

label: auto







build_html

Type: bool

Whether or not to build the html from the generated source.

Example:-

build_html: True









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for plt_grph

Example:-

METHOD_OPTIONS:
    py_module: grph






py_module

Type: one_of(grph)

Python module required to process this script file

Example:-

py_module: grph








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    output_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False
    solutions:
        initial_fit_ipred: sol0/solution.pyml
        final_fit_ipred: solN/solution.pyml






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







solutions

Type: dict

Solutions to compare

Example:-

solutions:
    initial_fit_ipred: sol0/solution.pyml
    final_fit_ipred: solN/solution.pyml








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







OUTPUT_GRAPHS

Type: list_record

List of graphs to output.

Example:-

OUTPUT_GRAPHS:
    - COMB_SPAG_GRPH:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_var_symbol_list: ['-', '-']
        y_scale_list: ['linear', 'log']
        options_list: ['legend', 'grid', 'dose_lines']

    - SCATTER_GRPH:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var_src: observed_data
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_var_symbol_list: ['-', '-']
        y_scale_list: ['linear', 'log']
        options_list: ['legend', 'grid', 'dose_lines']
        dot_size: 12

    - RES_VS_X_GRPH:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var_src: observed_data
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_var_symbol_list: ['-', '-']
        y_scale_list: ['linear', 'log']
        options_list: ['legend', 'grid', 'dose_lines']
        dot_size: 12

    - WRES_VS_X_GRPH:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var_src: observed_data
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_var_symbol_list: ['-', '-']
        y_scale_list: ['linear', 'log']
        options_list: ['legend', 'grid', 'dose_lines']
        dot_size: 12

    - CWRES_VS_X_GRPH:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var_src: observed_data
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_var_symbol_list: ['-', '-']
        y_scale_list: ['linear', 'log']
        options_list: ['legend', 'grid', 'dose_lines']
        dot_size: 12

    - SPAG_GRPH:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_var_symbol_list: ['-', '-']
        y_scale_list: ['linear', 'log']
        options_list: ['legend', 'grid', 'dose_lines']






COMB_SPAG_GRPH

Type: dict_record

Plot data for all individuals one one graph.

Example:-

COMB_SPAG_GRPH:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_var_symbol_list: ['-', '-']
    y_scale_list: ['linear', 'log']
    options_list: ['legend', 'grid', 'dose_lines']






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_var_symbol_list

Type: list(str)

List of plot line styles for y variable plot lines.

Example:-

y_var_symbol_list: ['-', '-']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







options_list

Type: list_of(legend,legend_above,grid,dose_lines,share_axes,sim_xy,square,45degree_line,linreg_line,gaussreg_line)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend', 'grid', 'dose_lines']








SCATTER_GRPH

Type: dict_record

Scatter plot for all individuals on a single graph.

Example:-

SCATTER_GRPH:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var_src: observed_data
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_var_symbol_list: ['-', '-']
    y_scale_list: ['linear', 'log']
    options_list: ['legend', 'grid', 'dose_lines']
    dot_size: 12






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var_src

Type: str

Name of the folder containing the solution.pyml and predictions.csv for the data on the x-axis.

Example:-

x_var_src: observed_data







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_var_symbol_list

Type: list(str)

List of plot line styles for y variable plot lines.

Example:-

y_var_symbol_list: ['-', '-']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







options_list

Type: list_of(legend,legend_above,grid,dose_lines,share_axes,sim_xy,square,45degree_line,linreg_line,gaussreg_line)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend', 'grid', 'dose_lines']







dot_size

Type: int

Size of dots appearing in scatter plots

Example:-

dot_size: 12








RES_VS_X_GRPH

Type: dict_record

Scatter plot for all individuals on a single graph.

Example:-

RES_VS_X_GRPH:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var_src: observed_data
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_var_symbol_list: ['-', '-']
    y_scale_list: ['linear', 'log']
    options_list: ['legend', 'grid', 'dose_lines']
    dot_size: 12






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var_src

Type: str

Name of the folder containing the solution.pyml and predictions.csv for the data on the x-axis.

Example:-

x_var_src: observed_data







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_var_symbol_list

Type: list(str)

List of plot line styles for y variable plot lines.

Example:-

y_var_symbol_list: ['-', '-']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







options_list

Type: list_of(legend,legend_above,grid,dose_lines,share_axes,sim_xy,square,45degree_line,linreg_line,gaussreg_line)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend', 'grid', 'dose_lines']







dot_size

Type: int

Size of dots appearing in scatter plots

Example:-

dot_size: 12








WRES_VS_X_GRPH

Type: dict_record

Scatter plot for all individuals on a single graph.

Example:-

WRES_VS_X_GRPH:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var_src: observed_data
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_var_symbol_list: ['-', '-']
    y_scale_list: ['linear', 'log']
    options_list: ['legend', 'grid', 'dose_lines']
    dot_size: 12






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var_src

Type: str

Name of the folder containing the solution.pyml and predictions.csv for the data on the x-axis.

Example:-

x_var_src: observed_data







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_var_symbol_list

Type: list(str)

List of plot line styles for y variable plot lines.

Example:-

y_var_symbol_list: ['-', '-']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







options_list

Type: list_of(legend,legend_above,grid,dose_lines,share_axes,sim_xy,square,45degree_line,linreg_line,gaussreg_line)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend', 'grid', 'dose_lines']







dot_size

Type: int

Size of dots appearing in scatter plots

Example:-

dot_size: 12








CWRES_VS_X_GRPH

Type: dict_record

Scatter plot for all individuals on a single graph.

Example:-

CWRES_VS_X_GRPH:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var_src: observed_data
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_var_symbol_list: ['-', '-']
    y_scale_list: ['linear', 'log']
    options_list: ['legend', 'grid', 'dose_lines']
    dot_size: 12






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var_src

Type: str

Name of the folder containing the solution.pyml and predictions.csv for the data on the x-axis.

Example:-

x_var_src: observed_data







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_var_symbol_list

Type: list(str)

List of plot line styles for y variable plot lines.

Example:-

y_var_symbol_list: ['-', '-']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







options_list

Type: list_of(legend,legend_above,grid,dose_lines,share_axes,sim_xy,square,45degree_line,linreg_line,gaussreg_line)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend', 'grid', 'dose_lines']







dot_size

Type: int

Size of dots appearing in scatter plots

Example:-

dot_size: 12








SPAG_GRPH

Type: dict_record

Plot data for all individuals on separate graphs.

Example:-

SPAG_GRPH:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_var_symbol_list: ['-', '-']
    y_scale_list: ['linear', 'log']
    options_list: ['legend', 'grid', 'dose_lines']






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_var_symbol_list

Type: list(str)

List of plot line styles for y variable plot lines.

Example:-

y_var_symbol_list: ['-', '-']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







options_list

Type: list_of(legend,legend_above,grid,dose_lines,share_axes,sim_xy,square,45degree_line,linreg_line,gaussreg_line)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend', 'grid', 'dose_lines']










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for mcomp_script

Example:-

METHOD_OPTIONS:
    py_module: mcomp
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(mcomp)

Python module required to process this script file

Example:-

py_module: mcomp







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

File paths for mcomp script

Example:-

FILE_PATHS:
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    mgen_script_path: auto
    mgen_output_folder: auto
    mfit_script_path: auto
    mfit_output_folder: auto






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







mgen_script_path

Type: input_file / auto

Path to mgen_script.

Example:-

mgen_script_path: auto







mgen_output_folder

Type: output_folder / auto

mgen_script output folder.

Example:-

mgen_output_folder: auto







mfit_script_path

Type: input_file / auto

Path to mfit_script.

Example:-

mfit_script_path: auto







mfit_output_folder

Type: output_folder / auto

mfit_script output folder.

Example:-

mfit_output_folder: auto








MCOMP_OPTIONS

Type: dict_record

Options for mcomp script

Example:-

MCOMP_OPTIONS:
    dot_size: 12






dot_size

Type: int

Size of dots appearing in scatter plots

Example:-

dot_size: 12









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for dat_merge

Example:-

METHOD_OPTIONS:
    py_module: merge






py_module

Type: one_of(merge)

Python module required to process this script file

Example:-

py_module: merge








FILE_PATHS

Type: dict_record

file paths record

Example:-

FILE_PATHS:
    input_csv_file_list: ['./path_to_csv_file', './path_to_another_csv_file']
    input_ssv_file_list: ['./path_to_ssv_file', './path_to_another_ssv_file']
    output_folder: auto






input_csv_file_list

Type: list


	List of comma separated variable files to load in and merge
	
	must have same number of rows.








Example:-

input_csv_file_list: ['./path_to_csv_file', './path_to_another_csv_file']







input_ssv_file_list

Type: list


	List of space separated variable files to load in and merge
	
	must have same number of rows.








Example:-

input_ssv_file_list: ['./path_to_ssv_file', './path_to_another_ssv_file']







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for mfit_script

Example:-

METHOD_OPTIONS:
    py_module: mfit
    rand_seed: 12345
    float_format: default
    n_bootstraps: 0






py_module

Type: one_of(mfit)

Python module required to process this script file

Example:-

py_module: mfit







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default







n_bootstraps

Type: int

Number of times to bootstrap each input population

Example:-

n_bootstraps: 0








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths for mfit_script

Example:-

FILE_PATHS:
    input_data_files_glob: input.csv*
    input_data_delimiter: auto
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    output_iteration_results: True
    numerical_file_sort_flag: False






input_data_files_glob

Type: input_files_as_glob

Glob path to multiple pop data files using * symbol.

Example:-

input_data_files_glob: input.csv*







input_data_delimiter

Type: str

Delimiter character used in the data file.

Example:-

input_data_delimiter: auto







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







output_iteration_results

Type: bool

Option to output iteration-by-iteration values.

Example:-

output_iteration_results: True







numerical_file_sort_flag

Type: bool

Option to sort files by numerical comparison instead of alphanumeric comparison.

Example:-

numerical_file_sort_flag: False








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







EFFECTS

Type: repeat_verb_record

EFFECT params to define hierarchical population model

Example:-

EFFECTS:
    POP: |
        f[KA] ~ P1.0
        f[CL] ~ P1.0
        f[V1] ~ P20
        f[Q] ~ P0.5
        f[V2] ~ P100
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] ~ spd_matrix() [
            [0.05],
            [0.01, 0.05],
            [0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] ~ P0.1

    ID: |
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









FIT_METHODS

Type: list_record

one of many possible fitters

Example:-

FIT_METHODS:
    - JOE:
        ODE_SOLVER: {INHERIT: {}}
        output_timing_flag: False
        output_warning_detail_flag: True
        max_n_main_iterations: 30
        CONVERGER: {OBJ_INC: {}}
        use_laplacian: False
        use_chain: True
        use_lm_jac: True
        lm_method: lm
        reset_re_flag: True






JOE

Type: dict_record

Joint Optimisation and Estimation method

Example:-

JOE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True








ND

Type: dict_record

None Derivative Optimisation method

Example:-

ND:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True
    qa_imp_delta: 0.001
    var_fx_bobyqa_opt_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True







qa_imp_delta

Type: float

Threshold on improvement to stop quadratic approximation search.

Example:-

qa_imp_delta: 0.001







var_fx_bobyqa_opt_flag

Type: bool

Option to include var f[X] in BOBYQA optimisation

Example:-

var_fx_bobyqa_opt_flag: True








FOCE

Type: dict_record

First order conditional estimation method

Example:-

FOCE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True









COVARIANCE

Type: one_of_record

Covariance methods used to estimate standard errors.

Example:-

COVARIANCE:
    NO_COVARIANCE: {}






NO_COVARIANCE

Type: dict_record

Do NOT compute covariance matrix and standard errors.

Example:-

NO_COVARIANCE: {}







SANDWICH

Type: dict_record

Use sandwich operator to estimate covariance matrix.

Example:-

SANDWICH:
    var_covariance_flag: False
    inv_hessian_flag: False






var_covariance_flag

Type: bool

Optionally compute standard errors for f[X] covariance elements this could take a long time for large covariance matrices. Note the results of the standard error computation for the main f[X] parameters combined with the variances will be different.

Example:-

var_covariance_flag: False







inv_hessian_flag

Type: bool

Optionally invert the hessian and output results to disk. this is mainly to generate PoPy documentation output.

Example:-

inv_hessian_flag: False










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for mgen_script

Example:-

METHOD_OPTIONS:
    py_module: mgen
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(mgen)

Python module required to process this script file

Example:-

py_module: mgen







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths for script

Example:-

FILE_PATHS:
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








EFFECTS

Type: repeat_verb_record

EFFECT params to define hierarchical population model

Example:-

EFFECTS:
    POP: |
        c[AMT] = 100.0
        f[KA] = 0.2
        f[CL] = 2.0
        f[V1] = 50
        f[Q] = 1.0
        f[V2] = 80
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
            [0.1],
            [0.01, 0.03],
            [0.01, -0.01, 0.09],
            [0.01, 0.02, 0.01, 0.07],
            [0.01, 0.02, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] = 0.15

    ID: |
        c[ID] = sequential(50)
        t[DOSE] = 2.0
        t[OBS] ~ unif(1.0, 50.0; 5)
        # t[OBS] = range(1.0, 50.0; 5)
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







POSTPROCESS

Type: verbatim

Code that postprocesses the output data.
Use this to filter rows and create derived covariates, after
the main data curves have been generated.

Example:-

POSTPROCESS: |







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









OUTPUT_OPTIONS

Type: dict_record

Output options

Example:-

OUTPUT_OPTIONS:
    n_pop_samples: 100






n_pop_samples

Type: int

Number of new populations to sample.

Example:-

n_pop_samples: 100









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for msim_script

Example:-

METHOD_OPTIONS:
    py_module: msim
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(msim)

Python module required to process this script file

Example:-

py_module: msim







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths for pop_msim

Example:-

FILE_PATHS:
    input_data_file: input_observations_soln.pyml
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    input_solution_file: solN/solution.pyml






input_data_file

Type: input_file

path to input comma separated value file in popy data format

Example:-

input_data_file: input_observations_soln.pyml







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







input_solution_file

Type: input_file / none

Solution containing f[X] values from a previous run.

Example:-

input_solution_file: solN/solution.pyml








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







EFFECTS

Type: repeat_verb_record

EFFECT params to define hierarchical population model

Example:-

EFFECTS:
    POP: |
        f[KA] ~ P1.0
        f[CL] ~ P1.0
        f[V1] ~ P20
        f[Q] ~ P0.5
        f[V2] ~ P100
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] ~ spd_matrix() [
            [0.05],
            [0.01, 0.05],
            [0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] ~ P0.1

    ID: |
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









OUTPUT_OPTIONS

Type: dict_record

Output options for msim_script

Example:-

OUTPUT_OPTIONS:
    sim_time_step: -1.0
    n_pop_samples: 100






sim_time_step

Type: float

Size of time step when creating smooth curve predictions
note setting this to a negative value, results in
simulated predictions for each individual
ONLY at time points in the original data set.

Example:-

sim_time_step: -1.0







n_pop_samples

Type: int

Number of new populations to sample.

Example:-

n_pop_samples: 100








OUTPUT_SCRIPTS

Type: dict_record

scripts to output for further processing

Example:-

OUTPUT_SCRIPTS:
    VPC: {output_mode: run, vpc_list: ['OBS_vs_TIME_VPC']}






VPC

Type: dict_record

Options to pass to vpc_script.

Example:-

VPC:
    output_mode: run
    vpc_list: ['OBS_vs_TIME_VPC']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: run







vpc_list

Type: list(str)

List of vpc types to generate in popy_vpc script.

Example:-

vpc_list: ['OBS_vs_TIME_VPC']










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for mtut_script

Example:-

METHOD_OPTIONS:
    py_module: mtut
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(mtut)

Python module required to process this script file

Example:-

py_module: mtut







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    output_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False
    output_iteration_results: True






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







output_iteration_results

Type: bool

Option to output iteration-by-iteration values.

Example:-

output_iteration_results: True








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








GEN_EFFECTS

Type: repeat_verb_record

GEN_EFFECT params to define hierarchical population model

Example:-

GEN_EFFECTS:
    POP: |
        c[AMT] = 100.0
        f[KA] = 0.2
        f[CL] = 2.0
        f[V1] = 50
        f[Q] = 1.0
        f[V2] = 80
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
            [0.1],
            [0.01, 0.03],
            [0.01, -0.01, 0.09],
            [0.01, 0.02, 0.01, 0.07],
            [0.01, 0.02, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] = 0.15

    ID: |
        c[ID] = sequential(50)
        t[DOSE] = 2.0
        t[OBS] ~ unif(1.0, 50.0; 5)
        # t[OBS] = range(1.0, 50.0; 5)
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







FIT_EFFECTS

Type: repeat_verb_record

FIT_EFFECT params to define hierarchical population model

Example:-

FIT_EFFECTS:
    POP: |
        f[KA] ~ P1.0
        f[CL] ~ P1.0
        f[V1] ~ P20
        f[Q] ~ P0.5
        f[V2] ~ P100
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] ~ spd_matrix() [
            [0.05],
            [0.01, 0.05],
            [0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] ~ P0.1

    ID: |
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









FIT_METHODS

Type: list_record

one of many possible fitters

Example:-

FIT_METHODS:
    - JOE:
        ODE_SOLVER: {INHERIT: {}}
        output_timing_flag: False
        output_warning_detail_flag: True
        max_n_main_iterations: 30
        CONVERGER: {OBJ_INC: {}}
        use_laplacian: False
        use_chain: True
        use_lm_jac: True
        lm_method: lm
        reset_re_flag: True






JOE

Type: dict_record

Joint Optimisation and Estimation method

Example:-

JOE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True








ND

Type: dict_record

None Derivative Optimisation method

Example:-

ND:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True
    qa_imp_delta: 0.001
    var_fx_bobyqa_opt_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True







qa_imp_delta

Type: float

Threshold on improvement to stop quadratic approximation search.

Example:-

qa_imp_delta: 0.001







var_fx_bobyqa_opt_flag

Type: bool

Option to include var f[X] in BOBYQA optimisation

Example:-

var_fx_bobyqa_opt_flag: True








FOCE

Type: dict_record

First order conditional estimation method

Example:-

FOCE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True









COVARIANCE

Type: one_of_record

Covariance methods used to estimate standard errors.

Example:-

COVARIANCE:
    NO_COVARIANCE: {}






NO_COVARIANCE

Type: dict_record

Do NOT compute covariance matrix and standard errors.

Example:-

NO_COVARIANCE: {}







SANDWICH

Type: dict_record

Use sandwich operator to estimate covariance matrix.

Example:-

SANDWICH:
    var_covariance_flag: False
    inv_hessian_flag: False






var_covariance_flag

Type: bool

Optionally compute standard errors for f[X] covariance elements this could take a long time for large covariance matrices. Note the results of the standard error computation for the main f[X] parameters combined with the variances will be different.

Example:-

var_covariance_flag: False







inv_hessian_flag

Type: bool

Optionally invert the hessian and output results to disk. this is mainly to generate PoPy documentation output.

Example:-

inv_hessian_flag: False









OUTPUT_OPTIONS

Type: dict_record

Output options

Example:-

OUTPUT_OPTIONS:
    n_pop_samples: 100






n_pop_samples

Type: int

Number of new populations to sample.

Example:-

n_pop_samples: 100








OUTPUT_SCRIPTS

Type: dict_record

Scripts to output for further processing.

Example:-

OUTPUT_SCRIPTS:
    MGEN: {output_mode: run}
    MFIT: {output_mode: run}
    MCOMP: {output_mode: run, dot_size: 12}






MGEN

Type: dict_record

options to pass to mgen_script.

Example:-

MGEN:
    output_mode: none






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none








MFIT

Type: dict_record

options to pass to mfit_script.

Example:-

MFIT:
    output_mode: none






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none








MCOMP

Type: dict_record

options to pass to mcomp script.

Example:-

MCOMP:
    output_mode: none
    dot_size: 12






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







dot_size

Type: int

Size of dots appearing in scatter plots

Example:-

dot_size: 12










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options

Example:-

METHOD_OPTIONS:
    py_module: rst






py_module

Type: one_of(rst)

Python module required to process this script file

Example:-

py_module: rst








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    output_folder: source






output_folder

Type: output_folder

Output path for sphinx rst documentation auto rst modules will be in ‘<output_folder>/reference’ subfolder.

Example:-

output_folder: source









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for sim_script

Example:-

METHOD_OPTIONS:
    py_module: sim
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(sim)

Python module required to process this script file

Example:-

py_module: sim







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    input_data_file: input_observations_soln.pyml
    extra_data_file: none
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False
    solutions:
        initial_fit_ipred: sol0/solution.pyml
        final_fit_ipred: solN/solution.pyml






input_data_file

Type: input_file

path to input comma separated value file in popy data format

Example:-

input_data_file: input_observations_soln.pyml







extra_data_file

Type: input_file / none

path to extra comma separated value file in popy data format

Example:-

extra_data_file: none







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







solutions

Type: dict

Solutions to compare

Example:-

solutions:
    initial_fit_ipred: sol0/solution.pyml
    final_fit_ipred: solN/solution.pyml








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









OUTPUT_OPTIONS

Type: dict_record

Output options for sim_script

Example:-

OUTPUT_OPTIONS:
    sim_time_step: 1.0






sim_time_step

Type: float

Size of time step when creating smooth curve predictions
note setting this to a negative value, results in
simulated predictions for each individual
ONLY at time points in the original data set.

Example:-

sim_time_step: 1.0








OUTPUT_SCRIPTS

Type: dict_record

scripts to output for further processing

Example:-

OUTPUT_SCRIPTS:
    GRPH: {output_mode: run, grph_list: ['OBS_vs_TIME']}
    TABLE: {output_mode: run, tables_list: []}






GRPH

Type: dict_record

options to pass to grph script.

Example:-

GRPH:
    output_mode: run
    grph_list: ['OBS_vs_TIME']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: run







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']








TABLE

Type: dict_record

Options to pass to TAB script.

Example:-

TABLE:
    output_mode: run
    tables_list: []






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: run







tables_list

Type: list_record

List of tables to create.

Example:-

tables_list:
    - TABLE:
        input_solution: final_fit_ipred
        output_file: my_table.csv
        cx_columns: "*"
        mx_columns: "*"
        sx_columns: "*"
        px_columns: "*"






TABLE

Type: dict_record

Table properties.

Example:-

TABLE:
    input_solution: final_fit_ipred
    output_file: my_table.csv
    cx_columns: "*"
    mx_columns: "*"
    sx_columns: "*"
    px_columns: "*"






input_solution

Type: str

Label of the solution to parse

Example:-

input_solution: final_fit_ipred







output_file

Type: output_file

Destination file for table

Example:-

output_file: my_table.csv







cx_columns

Type: list(str) / star

Columns from covariates/observations table to output

Example:-

cx_columns: "*"







mx_columns

Type: list(str) / star

Columns from model_params table to output

Example:-

mx_columns: "*"







sx_columns

Type: list(str) / star

Columns from states table to output

Example:-

sx_columns: "*"







px_columns

Type: list(str) / star

Columns from predictions table to output

Example:-

px_columns: "*"












            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for TABLE

Example:-

METHOD_OPTIONS:
    py_module: table






py_module

Type: one_of(table)

Python module required to process this script file

Example:-

py_module: table








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    output_folder: auto
    log_folder: auto
    table_file_ext: ['csv']
    delete_old_files_flag: False
    solutions:
        initial_fit_ipred: sol0/solution.pyml
        final_fit_ipred: solN/solution.pyml






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







table_file_ext

Type: list_of(csv)

Output file extension; determines tabular output file format.

Example:-

table_file_ext: ['csv']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







solutions

Type: dict

Solutions to compare

Example:-

solutions:
    initial_fit_ipred: sol0/solution.pyml
    final_fit_ipred: solN/solution.pyml








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







OUTPUT_TABLES

Type: list_record

List of tables to create.

Example:-

OUTPUT_TABLES:
    - TABLE:
        input_solution: final_fit_ipred
        output_file: my_table.csv
        cx_columns: "*"
        mx_columns: "*"
        sx_columns: "*"
        px_columns: "*"






TABLE

Type: dict_record

Table properties.

Example:-

TABLE:
    input_solution: final_fit_ipred
    output_file: my_table.csv
    cx_columns: "*"
    mx_columns: "*"
    sx_columns: "*"
    px_columns: "*"






input_solution

Type: str

Label of the solution to parse

Example:-

input_solution: final_fit_ipred







output_file

Type: output_file

Destination file for table

Example:-

output_file: my_table.csv







cx_columns

Type: list(str) / star

Columns from covariates/observations table to output

Example:-

cx_columns: "*"







mx_columns

Type: list(str) / star

Columns from model_params table to output

Example:-

mx_columns: "*"







sx_columns

Type: list(str) / star

Columns from states table to output

Example:-

sx_columns: "*"







px_columns

Type: list(str) / star

Columns from predictions table to output

Example:-

px_columns: "*"










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for tut_script

Example:-

METHOD_OPTIONS:
    py_module: tut
    rand_seed: 12345
    float_format: default






py_module

Type: one_of(tut)

Python module required to process this script file

Example:-

py_module: tut







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









DESCRIPTION

Type: dict_record

Description fields for script.

Example:-

DESCRIPTION:
    name: my_pkpd_model
    title: My PKPD model
    author: My Name
    abstract: |
        Abstract describing the model
    keywords: ['pkpd']






name

Type: str

Unique name used to distinguish script

Example:-

name: my_pkpd_model







title

Type: str

A longer text string that could serve as a title

Example:-

title: My PKPD model







author

Type: str

Author of the model

Example:-

author: My Name







abstract

Type: verbatim

Abstract paragraph describing model

Example:-

abstract: |
    Abstract describing the model







keywords

Type: list

Keywords list used to categorise models.

Example:-

keywords: ['pkpd']








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    output_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False
    output_iteration_results: True






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False







output_iteration_results

Type: bool

Option to output iteration-by-iteration values.

Example:-

output_iteration_results: True








DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








GEN_EFFECTS

Type: repeat_verb_record

GEN_EFFECT params to define hierarchical population model

Example:-

GEN_EFFECTS:
    POP: |
        c[AMT] = 100.0
        f[KA] = 0.2
        f[CL] = 2.0
        f[V1] = 50
        f[Q] = 1.0
        f[V2] = 80
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] = [
            [0.1],
            [0.01, 0.03],
            [0.01, -0.01, 0.09],
            [0.01, 0.02, 0.01, 0.07],
            [0.01, 0.02, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] = 0.15

    ID: |
        c[ID] = sequential(50)
        t[DOSE] = 2.0
        t[OBS] ~ unif(1.0, 50.0; 5)
        # t[OBS] = range(1.0, 50.0; 5)
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







FIT_EFFECTS

Type: repeat_verb_record

FIT_EFFECT params to define hierarchical population model

Example:-

FIT_EFFECTS:
    POP: |
        f[KA] ~ P1.0
        f[CL] ~ P1.0
        f[V1] ~ P20
        f[Q] ~ P0.5
        f[V2] ~ P100
        f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv] ~ spd_matrix() [
            [0.05],
            [0.01, 0.05],
            [0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.05],
            [0.01, 0.01, 0.01, 0.01, 0.05],
        ]
        f[PNOISE] ~ P0.1

    ID: |
        r[KA, CL, V1, Q, V2] ~ mnorm([0,0,0,0,0], f[KA_isv,CL_isv,V1_isv,Q_isv,V2_isv])







PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







MODEL_PARAMS

Type: verbatim

Defines the mapping from c[X], f[X] and r[X] variables to individual model m[X] parameters.

Example:-

MODEL_PARAMS: |
    m[KA] = f[KA] * exp(r[KA])
    m[CL] = f[CL] * exp(r[CL])
    m[V1] = f[V1] * exp(r[V1])
    m[Q] = f[Q] * exp(r[Q])
    m[V2] = f[V2] * exp(r[V2])
    m[ANOISE] = 0.001
    m[PNOISE] = f[PNOISE]







STATES

Type: verbatim

Optional section for setting initial values of s[X] variables
can also set slabel[X] text labels.

Example:-

STATES: |







DERIVATIVES

Type: verbatim

Define how the covariates and effects determine flows
between compartments.

Example:-

DERIVATIVES: |
    # s[DEPOT,CENTRAL,PERI] = @dep_two_cmp_cl{dose:@bolus{amt: c[AMT]}}
    d[DEPOT] = @bolus{amt: c[AMT]} - m[KA]*s[DEPOT]
    d[CENTRAL] = m[KA]*s[DEPOT] - s[CENTRAL]*m[CL]/m[V1] - s[CENTRAL]*m[Q]/m[V1]  + s[PERI]*m[Q]/m[V2]
    d[PERI] = s[CENTRAL]*m[Q]/m[V1] - s[PERI]*m[Q]/m[V2]







PREDICTIONS

Type: verbatim

Define the final predicted m[X] variables to be output
by the compartment model system.

Example:-

PREDICTIONS: |
    p[DV_CENTRAL] = s[CENTRAL]/m[V1]
    plabel[DV_CENTRAL] = 'Drug conc. (units)'
    var = m[ANOISE]**2 + m[PNOISE]**2 * p[DV_CENTRAL]**2
    c[DV_CENTRAL] ~ norm(p[DV_CENTRAL], var)







POSTPROCESS

Type: verbatim

Code that postprocesses the output data.
Use this to filter rows and create derived covariates, after
the main data curves have been generated.

Example:-

POSTPROCESS: |







ODE_SOLVER

Type: one_of_record

one of many possible solvers

Example:-

ODE_SOLVER:
    CPPLSODA:
        atol: 1e-06
        rtol: 1e-06
        max_nsteps: 10000000
        use_supersections: True
        use_sens: True
        hmin: 0.0






NO_SOLVER

Type: dict_record

Null method for blank derivatives.

Example:-

NO_SOLVER: {}







ANALYTIC

Type: dict_record

Analytic method for solving ODE

Example:-

ANALYTIC:
    use_supersections: auto
    use_sens: True






use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True








SCIPY_ODEINT

Type: dict_record

odeint solver record

Example:-

SCIPY_ODEINT:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_jacobian: False
    use_sens: True
    use_tcrit: False






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_jacobian

Type: bool

Option to use jacobian in ode solver.

Example:-

use_jacobian: False







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







use_tcrit

Type: bool

Option to set lsoda tcrit to start and end of subsection. Note this is an experimental option.

Example:-

use_tcrit: False








CPPLSODA

Type: dict_record

C++ version of original cvode c library.

Example:-

CPPLSODA:
    atol: 1e-06
    rtol: 1e-06
    max_nsteps: 10000000
    use_supersections: auto
    use_sens: True
    hmin: 1e-12






atol

Type: float

Absolute tolerance of ode solver.

Example:-

atol: 1e-06







rtol

Type: float

Relative tolerance of ode solver.

Example:-

rtol: 1e-06







max_nsteps

Type: int

Maximum number of steps allowed in ode solver.

Example:-

max_nsteps: 10000000







use_supersections

Type: bool / auto

Option to combine sections into supersections, which can make PoPy run faster, however with discontinuous ODE params you may need to turn this off (closer to nonmem approach).

Example:-

use_supersections: auto







use_sens

Type: bool

Option to use sensitivity equations in ode solver.

Example:-

use_sens: True







hmin

Type: float

Minimum step size of ode solver.

Example:-

hmin: 1e-12









FIT_METHODS

Type: list_record

one of many possible fitters

Example:-

FIT_METHODS:
    - JOE:
        ODE_SOLVER: {INHERIT: {}}
        output_timing_flag: False
        output_warning_detail_flag: True
        max_n_main_iterations: 30
        CONVERGER: {OBJ_INC: {}}
        use_laplacian: False
        use_chain: True
        use_lm_jac: True
        lm_method: lm
        reset_re_flag: True






JOE

Type: dict_record

Joint Optimisation and Estimation method

Example:-

JOE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True








ND

Type: dict_record

None Derivative Optimisation method

Example:-

ND:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True
    qa_imp_delta: 0.001
    var_fx_bobyqa_opt_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True







qa_imp_delta

Type: float

Threshold on improvement to stop quadratic approximation search.

Example:-

qa_imp_delta: 0.001







var_fx_bobyqa_opt_flag

Type: bool

Option to include var f[X] in BOBYQA optimisation

Example:-

var_fx_bobyqa_opt_flag: True








FOCE

Type: dict_record

First order conditional estimation method

Example:-

FOCE:
    ODE_SOLVER: {INHERIT: {}}
    output_timing_flag: False
    output_warning_detail_flag: True
    max_n_main_iterations: 50
    CONVERGER: {OBJ_INC: {}}
    use_laplacian: False
    use_chain: True
    use_lm_jac: True
    lm_method: lm
    reset_re_flag: True
    central_diff_switch_flag: True






output_timing_flag

Type: bool

Option to output timing info.

Example:-

output_timing_flag: False







output_warning_detail_flag

Type: bool

Option to output warning detail.

Example:-

output_warning_detail_flag: True







max_n_main_iterations

Type: int

Maximum number of iterations

Example:-

max_n_main_iterations: 50







CONVERGER

Type: one_of_record

Convergence methods.

Example:-

CONVERGER:
    OBJ_INC: {}






NONE

Type: dict_record

No convergence testing.

Example:-

NONE: {}







OBJ_INC

Type: dict_record

Objective function increase converger.

Example:-

OBJ_INC: {}







OBJ_SIM

Type: dict_record

Objective function similar converger.

Example:-

OBJ_SIM: {}








use_laplacian

Type: bool

Option to use full laplacian to compute hessian in objective function term4, this is much slower than using the expectation of the outer product of the jacobian

Example:-

use_laplacian: False







use_chain

Type: bool

Option to use chain rule when computing derivatives.

Example:-

use_chain: True







use_lm_jac

Type: bool

Option to use custom jacobian when optimising r[X] using L-M.

Example:-

use_lm_jac: True







lm_method

Type: one_of(lm,trf,dogbox)

Option to use either lm/trf/dogbox in scipy leastsq to optimise r[X]

Example:-

lm_method: lm







reset_re_flag

Type: bool

Reset r[X]=0.0 before each r[X] optimisation

Example:-

reset_re_flag: True







central_diff_switch_flag

Type: bool

Allow switch to central differences, instead of forward diff

Example:-

central_diff_switch_flag: True









COVARIANCE

Type: one_of_record

Covariance methods used to estimate standard errors.

Example:-

COVARIANCE:
    NO_COVARIANCE: {}






NO_COVARIANCE

Type: dict_record

Do NOT compute covariance matrix and standard errors.

Example:-

NO_COVARIANCE: {}







SANDWICH

Type: dict_record

Use sandwich operator to estimate covariance matrix.

Example:-

SANDWICH:
    var_covariance_flag: False
    inv_hessian_flag: False






var_covariance_flag

Type: bool

Optionally compute standard errors for f[X] covariance elements this could take a long time for large covariance matrices. Note the results of the standard error computation for the main f[X] parameters combined with the variances will be different.

Example:-

var_covariance_flag: False







inv_hessian_flag

Type: bool

Optionally invert the hessian and output results to disk. this is mainly to generate PoPy documentation output.

Example:-

inv_hessian_flag: False









OUTPUT_SCRIPTS

Type: dict_record

scripts to output for further processing

Example:-

OUTPUT_SCRIPTS:
    GEN: {output_mode: run, sim_time_step: 1.0, grph_list: ['OBS_vs_TIME']}
    FIT:
        output_mode: run
        sim_time_step: 1.0
        grph_list: ['OBS_vs_TIME']
        vpc_list: ['OBS_vs_TIME_VPC']
    COMP: {output_mode: run}
    TUTSUM: {output_mode: run}






GEN

Type: dict_record

options to pass to gen script.

Example:-

GEN:
    output_mode: none
    sim_time_step: -1.0
    grph_list: ['OBS_vs_TIME']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







sim_time_step

Type: float

Size of time step when creating smooth curve predictions
note setting this to a negative value, results in
simulated predictions for each individual
ONLY at time points in the original data set.

Example:-

sim_time_step: -1.0







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']








FIT

Type: dict_record

options to pass to fit script.

Example:-

FIT:
    output_mode: none
    sim_time_step: -1.0
    grph_list: ['OBS_vs_TIME']
    vpc_list: ['OBS_vs_TIME_VPC']






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none







sim_time_step

Type: float

Size of time step when creating smooth curve predictions
note setting this to a negative value, results in
simulated predictions for each individual
ONLY at time points in the original data set.

Example:-

sim_time_step: -1.0







grph_list

Type: list(str)

Graph types to plt

Example:-

grph_list: ['OBS_vs_TIME']







vpc_list

Type: list(str)

List of vpc types to generate in popy_vpc script.

Example:-

vpc_list: ['OBS_vs_TIME_VPC']








COMP

Type: dict_record

options to pass to comp script.

Example:-

COMP:
    output_mode: none






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none








TUTSUM

Type: dict_record

options to pass to tutsum script.

Example:-

TUTSUM:
    output_mode: none






output_mode

Type: one_of(none,create,run)

Output options.

Example:-

output_mode: none










            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for popy_tutsum

Example:-

METHOD_OPTIONS:
    py_module: tutsum
    float_format: default






py_module

Type: one_of(tutsum)

Python module required to process this script file

Example:-

py_module: tutsum







float_format

Type: str

Format string for numerical output

Example:-

float_format: default








FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    tut_script_path: tut_script.pyml
    gensum_script_path: gensum_script.pyml
    gensum_output_folder: gensum_script.pyml_output
    fitsum_script_path: fitsum_script.pyml
    fitsum_output_folder: fitsum_script.pyml_output
    comp_script_path: comp_script.pyml
    comp_output_folder: comp_script.pyml_output
    build_root: auto
    output_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    delete_old_files_flag: False






tut_script_path

Type: input_file

Path to tut_script.

Example:-

tut_script_path: tut_script.pyml







gensum_script_path

Type: input_file / none

Path to gensum_script.

Example:-

gensum_script_path: gensum_script.pyml







gensum_output_folder

Type: output_folder / none

gensum script output folder.

Example:-

gensum_output_folder: gensum_script.pyml_output







fitsum_script_path

Type: input_file / none

Path to fitsum_script.

Example:-

fitsum_script_path: fitsum_script.pyml







fitsum_output_folder

Type: output_folder / none

fitsum script output folder.

Example:-

fitsum_output_folder: fitsum_script.pyml_output







comp_script_path

Type: input_file / none

Path to comp_script.

Example:-

comp_script_path: comp_script.pyml







comp_output_folder

Type: output_folder / none

comp script output folder.

Example:-

comp_output_folder: comp_script.pyml_output







build_root

Type: output_folder / auto

Path to the root of the build tree (default: ‘auto’)

Example:-

build_root: auto







output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







delete_old_files_flag

Type: bool

Option to delete any existing files before running.

Example:-

delete_old_files_flag: False








OUTPUT_OPTIONS

Type: dict_record

Output options

Example:-

OUTPUT_OPTIONS:
    label: auto
    build_html: True






label

Type: str / auto

Label to give to the tutorial run.

Example:-

label: auto







build_html

Type: bool

Whether or not to build the html from the generated source.

Example:-

build_html: True









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for val_script

Example:-

METHOD_OPTIONS:
    py_module: val
    rand_seed: 12345
    float_format: default
    script_log_level: error
    comp_first_rows_only: False






py_module

Type: one_of(val)

Python module required to process this script file

Example:-

py_module: val







rand_seed

Type: int / auto

Option to set seed to make run result
reproducible -e.g. when debugging.

Example:-

rand_seed: 12345







float_format

Type: str

Format string for numerical output

Example:-

float_format: default







script_log_level

Type: one_of(debug,info,warning,error,critical,notset)

Log level for individual scripts run scripts.

Example:-

script_log_level: error







comp_first_rows_only

Type: bool

Compare only first rows of data files. (This is a debugging option.)

Example:-

comp_first_rows_only: False








FILE_PATHS

Type: dict_record

file paths for val_script

Example:-

FILE_PATHS:
    output_folder: auto
    input_folder: .






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







input_folder

Type: input_folder

Root folder for validation examples

Example:-

input_folder: .








TESTS

Type: repeat_dict_record

Dictionary of test parameters.

Example:-

TESTS: {}






script_path

Type: str

Input PoPy fit pyml script.

Example:-

script_path:







rtol

Type: float

Relative tolerance for comparisons with prev PoPy res.

Example:-

rtol: 0.01







atol

Type: float

Absolute tolerance for comparisons iwth prev PoPy res.

Example:-

atol: 0.01









            

          

      

      

    

  

    
      
          
            
  
METHOD_OPTIONS

Type: dict_record

method options for plt_vpc

Example:-

METHOD_OPTIONS:
    py_module: vpc






py_module

Type: one_of(vpc)

Python module required to process this script file

Example:-

py_module: vpc








PARALLEL

Type: one_of_record

one of many possible servers

Example:-

PARALLEL:
    SINGLE: {progress_bar_length: 0}






SINGLE

Type: dict_record

single process server spec.

Example:-

SINGLE:
    progress_bar_length: 0






progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0








MPI_WORKERS

Type: dict_record

MPI local server spec.

Example:-

MPI_WORKERS:
    n_workers: auto
    cpu_load: 1.0
    progress_bar_length: 0






n_workers

Type: int / auto

Number of workers to use on this machine, defaults to number of processors, but could be more or fewer.

Example:-

n_workers: auto







cpu_load

Type: float

Desired load on CPU as a decimal greater than 0.0 (0%) and less than or equal to 1.0 (100%)

Example:-

cpu_load: 1.0







progress_bar_length

Type: int

Length of progress bar on screen (default=0, off)

Example:-

progress_bar_length: 0









FILE_PATHS

Type: dict_record

file paths

Example:-

FILE_PATHS:
    output_folder: auto
    temp_folder: auto
    log_folder: auto
    output_file_ext: ['svg']
    solutions:
        fit_obs: ../input_observations_soln.pyml
        msim_obs: msim_obs/msim_observations_soln.pyml
        pred_pop: predicted_mean_population_solution.pyml






output_folder

Type: output_folder / auto

Output folder - results of computation stored here

Example:-

output_folder: auto







temp_folder

Type: output_folder / auto

Temp folder - temporary files stored here

Example:-

temp_folder: auto







log_folder

Type: output_folder / auto

Log folder - log files stored here

Example:-

log_folder: auto







output_file_ext

Type: list_of(pdf,png,svg)

Output file extension - determines graphical output file format.

Example:-

output_file_ext: ['svg']







solutions

Type: dict

Solutions to compare

Example:-

solutions:
    fit_obs: ../input_observations_soln.pyml
    msim_obs: msim_obs/msim_observations_soln.pyml
    pred_pop: predicted_mean_population_solution.pyml








PREPROCESS

Type: verbatim

Code that preprocesses the input data.
Use this to filter rows and create derived covariates.

Example:-

PREPROCESS: |







DATA_FIELDS

Type: dict_record

data fields for popy.dat.fields object

Example:-

DATA_FIELDS:
    type_field: TYPE
    id_field: ID
    time_field: TIME






type_field

Type: str

Field name in data file that contains row type info, e.g. obs/dose etc

Example:-

type_field: TYPE







id_field

Type: str

Field name in data file that contains identity string for each data row e.g. obs/dose etc

Example:-

id_field: ID







time_field

Type: str

Field name in data file that contains time or event for each data row

Example:-

time_field: TIME








OUTPUT_GRAPHS

Type: list_record

List of graphs to output.

Example:-

OUTPUT_GRAPHS:
    - COMB_QUANT_SIM_VPC:
        output_subdir: none
        graph_title: My rather excellent graph
        x_axis_label: TIME
        x_var: TIME
        x_scale: linear
        y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
        y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
        y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
        y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
        y_var_colour_list: ['b', 'g']
        y_scale_list: ['linear', 'log']
        bin_indexer: {EQUAL_SPACE: {n_bins: auto}}
        quantile_list: [0.05, 0.5, 0.95]
        min_bin_count: 3
        options_list: ['legend_above', 'grid', 'plot_orig_points']
        conf_interval_prop: 0.9
        y_var_norm_list: ['DV_CENTRAL_pred', 'DV_CENTRAL_pred', 'DV_CENTRAL_pred']
        norm_method: none
        split_field: none
        export_stats: False






COMB_QUANT_SIM_VPC

Type: dict_record

Plot vpc data using histograms of each simulation one graph.

Example:-

COMB_QUANT_SIM_VPC:
    output_subdir: none
    graph_title: My rather excellent graph
    x_axis_label: TIME
    x_var: TIME
    x_scale: linear
    y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']
    y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']
    y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']
    y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']
    y_var_colour_list: ['b', 'g']
    y_scale_list: ['linear', 'log']
    bin_indexer: {EQUAL_SPACE: {n_bins: auto}}
    quantile_list: [0.05, 0.5, 0.95]
    min_bin_count: 3
    options_list: ['legend_above', 'grid', 'plot_orig_points']
    conf_interval_prop: 0.9
    y_var_norm_list: ['DV_CENTRAL_pred', 'DV_CENTRAL_pred', 'DV_CENTRAL_pred']
    norm_method: none
    split_field: none
    export_stats: False






output_subdir

Type: output_folder

Destination subdirectory for these plots.

Example:-

output_subdir: none







graph_title

Type: str

Title of graph.

Example:-

graph_title: My rather excellent graph







x_axis_label

Type: str

x axis label text

Example:-

x_axis_label: TIME







x_var

Type: str

x axis variable name.

Example:-

x_var: TIME







x_scale

Type: one_of(linear,log)

x axis scale - can be either ‘linear’ or ‘log’.

Example:-

x_scale: linear







y_axis_label_list

Type: list(str)

List of labels for y variables that appear on axes.

Example:-

y_axis_label_list: ['Drug concentration in plasma', 'Bio-marker concentration in plasma']







y_var_src_list

Type: list(str)

Names of the solution folders that contain the predictions to be plotted

Example:-

y_var_src_list: ['observed_data', 'final_fit_ppred', 'final_fit_ipred']







y_var_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to be plotted on graph.

Example:-

y_var_list: ['DV_CENTRAL', 'DV_CENTRAL', 'DV_CENTRAL']







y_var_label_list

Type: list(str)

List of y variable labels which will appear in the legend as <y_var_label> (<y_var_src>).

Example:-

y_var_label_list: ['Drug conc. (units)', 'Drug conc. (units)', 'Drug conc. (units)']







y_var_colour_list

Type: list(str)

List of colours for y variable plot lines.

Example:-

y_var_colour_list: ['b', 'g']







y_scale_list

Type: list(str)

List of scales (linear or log) for multiple y axes.

Example:-

y_scale_list: ['linear', 'log']







bin_indexer

Type: one_of_record

Possible bin indexing methods.

Example:-

bin_indexer:
    EQUAL_SPACE: {n_bins: auto}






EQUAL_SPACE

Type: dict_record

Equally spaced index builder.

Example:-

EQUAL_SPACE:
    n_bins: auto






n_bins

Type: int / auto

Number of equally spaced bins in index.

Example:-

n_bins: auto








UNEQUAL_SPACE

Type: dict_record

fixed, irregularly spaced user defined bin edges.

Example:-

UNEQUAL_SPACE:
    bin_edge_list: [2.0, 4.0, 8.0]






bin_edge_list

Type: list(float)

List of user-defined bin edges.

Example:-

bin_edge_list: [2.0, 4.0, 8.0]








K_MEANS

Type: dict_record

Deduce bin centres automatically using k-means algorithm for a pre-determined number of bins.

Example:-

K_MEANS:
    n_bins: 10
    init_method: random






n_bins

Type: int

Number of bins.

Example:-

n_bins: 10







init_method

Type: one_of(random)

Initialisation method for k-means algorithm.

Example:-

init_method: random








POP_INDEX

Type: dict_record

Take unique values from first individual as bin centres.

Example:-

POP_INDEX: {}








quantile_list

Type: list(float)

List of quantiles to plot for each bin of the histogram.

Example:-

quantile_list: [0.05, 0.5, 0.95]







min_bin_count

Type: int

Number of data points required to plot an individual bin.

Example:-

min_bin_count: 3







options_list

Type: list_of(legend,legend_above,grid,contour_conf_intervals,plot_orig_points)

List of visual options to apply to individual plots.

Example:-

options_list: ['legend_above', 'grid', 'plot_orig_points']







conf_interval_prop

Type: float

Confidence interval proportion to display for each quantile.

Example:-

conf_interval_prop: 0.9







y_var_norm_list

Type: list(str)

List of y variable names (i.e. columns in the predictions table) to normalise y_var_list.

Example:-

y_var_norm_list: ['DV_CENTRAL_pred', 'DV_CENTRAL_pred', 'DV_CENTRAL_pred']







norm_method

Type: one_of(none,pred_corr,predvar_corr)

Normalisation method applied to predictions in each bin.

Example:-

norm_method: none







split_field

Type: str

field in c[X] data use each value to split data.

Example:-

split_field: none







export_stats

Type: bool

Export any computed statistics to a .csv file

Example:-

export_stats: False










            

          

      

      

    

  